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Abstract: The COVID- 19 epidemic has needed lesser nanosecond- to- nanosecond urgency of patient treatment in
ferocious Care Units( ICUs), rendering the use of Randomized Controlled Trials( RCTs) too slow to be effective for
treatment discovery. There's a need for dexterity in clinical exploration, and the use of data wisdom to develop prophetic
models for patient treatment is a implicit result. We propose the use of an nimble data wisdom frame grounded on the
Scrumban frame used in software development. Scrumban is an iterative frame, where in each replication larger problems
are broken down into simple do- suitable tasks for data. The two sides unite nearly in formulating clinical questions and
developing and planting prophetic models into clinical settings. What's truly demanded are data scientist and croaker
hookups icing close collaboration between the two sides in using these tools to develop clinically useful prophetic models
to meet the demands of the COVID- 19 healthcare geography.
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. INTRODUCTION

Nimble is to plan, make, test, learn, repeat. The nimble way of working allows data scientists the capability to prioritize
and produce roadmaps grounded on conditions and pretensions. With each replication, data scientists can learn
commodity new, get more refined results, and ride on them for the coming incremental enhancement. Agile Data Science
is an approach to data wisdom centered around web operation development. It asserts that the most effective affair of the
data wisdom process suitable for effecting change in an association is the web operation. It asserts that operation
development is a abecedarian skill of a data scientist. thus, doing data wisdom becomes about structure operations that
describe the applied exploration process rapid-fire prototyping, exploratory data analysis, interactive visualization, and
applied machine literacy.

1. CHARACTERISTIC OF AGILE DATA SCIENCE

Characteristics of Agile Data Science Agile Data Science is structured according to the following principles
« Nonstop replication

¢ Intermediate Affair

* Prototype trials

* Integration of data

» Aggregate data value

1. Nonstop replication

nonstop replication is the process that involves charting, reporting, tabling, and prognostications. In a recreating process
of rooting perceptivity from queries for the purpose of developing business models, the first query may not yield
perceptivity, but the 25th inquiry may. In the replication process of understanding data tables to draw perceptivity, they
must be reused, structured, sorted, added up , and epitomized. perceptive maps are generally the result of the third or
fourth pass, not the first. Creating dependable vaticination models might take several cycles of point engineering and
hyperparameter optimization. replication is critical in data wisdom for the birth, visualization, and productization of
sapience. We reiterate when we construct. This fashion entails iteratively creating tables, maps, reports, and vaticinations.
numerous cycles of point engineering with sapience birth and product will be needed to make prophetic models.
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1. Intermediate Affair

This is the affair track list. It's indeed claimed that unprofitable trials produce results. Tracking the outgrowth of each
replication will prop in the creation of better affair in the following replication. Since replication is a pivotal step in
creating analytics apps, we constantly conclude a sprint with deficient work. We'd constantly wind up releasing nothing
if we did not deliver partial or intermediate affair at the conclusion of a sprint. The" death circle,” as I like to relate to it,
is where unlimited trouble may be wasted creating commaodity that no bone
wants and that is not nimble.

2. Prototype trials

Prototype trials number giving tasks and producing results grounded on the trials. To acquire knowledge in any given
task, we must reiterate, and these duplications are stylish characterized as trials. Overseeing several concurrent studies is
more important than assigning liabilities when managing a data wisdom platoon. Because good means crop as products
of exploratory data analysis, we must consider trials rather than tasks.

3. Integration of data

Both the planned and the possible are inversely essential. What's simple and delicate to understand is just as vital as
what's sought. There are three shoes to consider in software operation development those of the guests, the inventors, and
the company. There's another standpoint in analytics operation development that of the data. The product proprietor can
not perform a decent job until he or she understands what the data" has to say" about any point. The data's point of view
must always be included in product addresses.

4, Aggregate data value

The situations needed for" nimble data wisdom™ development were outlined in the below aggregate value. It begins with
a collection of records depending on the requirements and individual plumbing records. The maps are made once the data
has been gutted and added up . Data visualization may be done using the added up data. Reports are created with the
necessary data format, metadata, and markers. vaticination analysis is included in the alternate league of the aggregate
from the top. The vaticination subcaste creates fresh value but aids in the creation of excellent vaticinations that
concentrate on point engineering.

I11. AGILE DATA SCIENCE APPLICATION and METHODOLOGIES

Agile Data Science Methodologies Agile Data Science is a data wisdom strategy fastening on online operation
development. It claims that the web operation is the most effective data wisdom process affair for achieving change in a
company. It contends that operation development is a core data scientist skill. The following are the top three nimble data
wisdom methodologies.

1. Scrum

Scrum is the process that's the most popular nimble methodology for data wisdom systems. It's a tried- and-true approach
created in the late 1980s and early 1990s. A deliverable product should be available at the end of each sprint under the
Scrum methodology. The most frequent sprint length is two weeks. still other lengths are possible. brigades entirely
organize themselves; they choose what they'll do and how they'll negotiate it during the coming sprint. The product log
contains a list of tasks that are all organized similar that it's apparent how each bone
will ameliorate the product.

2. Kanban

It's a fairly introductory set of generalities that works well in numerous situations, including data wisdom. In comparison
to Scrum, Kanban is far lower process heavy. Unlike Scrum, it doesn't operate in set time supplements but rather strives
for nonstop inflow. stoner stories are used to express tasks, exactly like in Scrum, but only one story at a time is committed
to. Stories are accumulated in a backlog and are constantly prioritized.

3. Data- driven
Scrum Specifically designed for systems including data wisdom, Data- Driven Scrum is a new nimble cooperative
approach. From a data wisdom viewpoint, it aims to integrate the finest aspects of scrum and Kanban. The frame is the
newest one, thus its utility is still over for debate.

Iv. AGILE DATA SCIENCE CHALLENGES/ISSUES

Below are the challenges and risks in implementing Agile:
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4.1 Vague deliverables The main challenge for Data Scientists when working in Agile is that the affair of

their work is frequently vague. Let’s compare that to web inventors. utmost of the time, they've veritably concrete
tasks, like tweaking a form or adding a new sludge. The labors of similar tasks are rather palpable.

4.2 Agile Data Science sweats are more ill- defined and therefore more delicate to estimate.

4.3 compass and conditions may change veritably snappily.

4.4 prospects that Data Science sprints should have deliverables like engineering sprints

4.5 Being too good chastened at Scrum

V. ADVANTAGES OF AGILE DATA SCIENCE TECHNIQUES
Advantages of nimble:-

o Inflexibility & Rigidity

If you need a flexible & adaptable system for software development, also Agile is for you. This process allows the
platoon to respond to changes in conditions, customer feedback & request trends snappily. The principle of nonstop
progress is the base of nimble methodology. The rigidity of nimble methodology assures that the final product meets the
client's prospects & satisfies their requirements.

° Increased Collaboration

The nimble methodology encourages cooperation between the development platoon, stakeholders & guests. The
development platoon works nearly with stakeholders & guests to assure that the software needs meet their prospects. This
approach guarantees that the software result is stoner- centric and focuses on meeting the end druggies' requirements.

° Early and nonstop Delivery

The nimble methodology highlights the early & nonstop delivery of operating software results. This process confirms
that the development platoon can give high- quality software results to guests snappily. The early delivery of software
results lets the platoon admit early feedback from the guests & make necessary variations to the result.

. Translucency

The nimble methodology encourages clarity in the software development process. The development platoon regularly
shares with stakeholders & guests to deliver updates on the growth cycle. This approach guarantees that stakeholders &
guests are apprehensive of the progress made on the software result. They can deliver feedback & suggestions to the
development platoon.

VI. DISADVANTAGES OF AGILE DATA SCIENCE TECHNIQUES

Disadvantages of nimble:-

° Lack of Pungency

This methodology depends heavily on inflexibility and rigidity. It can affect in a deficit of pungency in the development
procedure. The platoon may struggle to calculate the time demanded to finish a task & the final product may not satisfy
the original conditions. The lack of pungency can induce frustration among stakeholders & guests who anticipate a
predictable timeline for the delivery of the software result.

° Overemphasis on Documentation

The nimble methodology highlights working on software results over attestation. still, this process can guide to a lack of
attestation, which can induce issues in the future. The lack of attestation can produce it hard to maintain & modernize the
software result, particularly if the original development platoon is no longer available.

° Limited compass nimble methodology

This focuses on delivering small supplements of the software result at a time. This approach can be limiting in terms of
the compass of the software result. The development platoon may struggle to deliver a comprehensive result that meets
all the client's conditions within the given timeline.

° Overreliance on the Development Team

The nimble methodology requires a largely professed and educated development platoon to be successful. The platoon
must have a profound knowledge of the software development methodology & be suitable to work collaboratively with
stakeholders & guests. still, this reliance on the development unit can be a disadvantage, particularly if the platoon lacks
the required chops or experience.
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VII. CONCLUSION

Overall, Agile has evolved as a popular system in software development. It all happens due to its capacity to give high-
quality software results presto. While it has its advantages and disadvantages, the nimble methodology's inflexibility,
rigidity, and cooperative approach can lead to successful software development systems. still, it's essential to precisely
estimate the possible downsides & decide whether nimble methodology is a good fit for a specific design.

By precisely considering the pros & cons, product brigades can choose whether the nimble process is the proper system
for their software development systems & successfully produce high- quality software results that meet their customer's
requirements.

REFERENCES

[1]Turk, Daniel, and Robert France. "Assumptions Underlying Agile Software Development Processes.” Journal of
Software and Systems Modeling 17 (2003): 19-25. Print.

[2]Heeager, Lise Tordrup . "INTRODUCING AGILE PRACTICES IN ADOCUMENTATION-DRIVEN SOFTWARE
DEVELOPMENT PRACTICE: A CASE STUDY." Journal of Information Technology Case and Application
Research 14.1 (2012): 3-24. Print.

[3]Abdelshafi, Ibrahim. "Primavera Gets Agile: A Successful Transition to Agile Develo." IEEE Software 22.3 (2005):
36-42. Print.

[4]Peng-hua, Chu, Hsueh Nien-lin, Hong-hsiang Liu, and Chien Hung. "A test case refactoring approach for patternbased
software development.” Software Quality Journal 20.1 (2012): 43-75. Print.

[5]Geambasu, Cristina Venera, Lulia Jianu, Lonel Jianu, and Alexandru Gavrila. "Influence Factors for the Choice of a
Software Development Methodolgy." Accounting and Management Information System 10 (2011): 479-494. Print.

[6]Hadar, Irit, Sofia Sherman, and Orit Hazan. "Learning Human Aspects of Collaborative Development.” Journal of
Information Systems Education 19.3 (2008): 311-319. Print. [7]Baskerville, Richard, Ramesh Blasubramaniam,
Linda Levine, and Pries-Heje Jan. "High-Speed Software Development Practices: What Works, What Doesn't.” IT
Professional Magazine 8.4 (2006): 29-36. Print.

[8]Erickson, John, Kalle Lyytinen, and Keng Siau. "Agile Modeling, Agile Software Development, and Extreme
Programming: The State of Research." Journal of Database Management 16.4 (2005): 88-100. Print.

[9]Fitzgerald, Brian, Gerard Hartnett, and Kieran Conboy. "Customising agile methods to software practices at Intel
Shannon." European Journal of Information Systems 15.2 (2006): 200-213. Print.

[10]Mattia, Angela. "Software That Supports an Agile Process for Organizational Innovation.” International Journal of
Business and Social Science 3.20 (2012): n/a. Print. [11]Nottonson, Keith, and Ken DelLong. "Baby Steps: Agile
Transformation at BabyCenter.com.” IT Professional Magazine 10.5 (2008): 59-62. Print.

[12]Millington, Don, and Jennifer Stapleton. "Developing a RAD standard.” IEEE Software 12.5 (1995): 54-55. Print.

[13]"Agile software development.” Wikipedia. Wikimedia Foundation, 16 Nov. 2013. Web. 8 Nov. 2013.

[14]"Manifesto for Agile Software Development.” Manifesto for Agile Software Development. N.p., n.d. Web. 15 Nov.
2013..

[15]"Agile Modeling (AM) Home Page: Effective Practices for Modeling and Documentation.” Agile Modeling (AM)
Home Page: Effective Practices for Modeling and Documentation. N.p., n.d. Web. 7 Nov. 2013.

[16]"Extreme Programming: A Gentle Introduction.." Extreme Programming: A Gentle Introduction.. N.p., n.d. Web.
11 Nov. 2013.

[17]*7 Steps of Agile System Analysis Process." http://www.targetprocess.com/blog/2006/06/7-steps-of-
agilesystemanalysis.html. N.p., n.d. Web. 12 Nov. 2013.

[18]"Software Development Life Cycle (SDLC)." YouTube. YouTube, n.d. Web. 12 Nov. 2013.

[19]"Criticism." Wikipedia. Wikimedia Foundation, n.d. Web. 12 Nov. 2013.

[20] "Agile Modeling." InformIT: The Trusted Technology Source for IT Pros and Developers. N.p., n.d. Web. 13 Nov.
2013.

[21]"Extreme Programming Rules." Wikipedia. Wikimedia Foundation, n.d. Web. 13 Nov. 2013.

[22]"Extreme Programming Core Practices.”" Extreme Programming Core Practices. N.p., n.d. Web. 17 Nov. 2013.

[23]"SCRUM Guide." Scrum Guide. N.p., n.d. Web. 13 Nov. 2013.

[24] Abrahamsson, Pekka, Outi Salo, Jussi Ronkainen, and Juhani Warsta. 2017. “Agile Software Development Methods:
Review and Analysis.” http://arxiv.org/abs/1709.08439 [25] Beck, Kent, Mike Beedle, Arie Van Bennekum, Alistair
Cockburn, Ward Cunningham, Martin Fowler, James Grenning, et al. 2001. “Manifesto for Agile Software
Development.” [26] Baijens, J., R. Helms, and D. Iren. 2020. “Applying Scrum in Data Science Projects.” In 2020
leee 22nd Conference on Business Informatics (Cbi), 1:30-38.

© 1JARCCE This work is licensed under a Creative Commons Attribution 4.0 International License 326


https://ijarcce.com/

IJARCCE ISSN (O) 2278-1021, ISSN (P) 2319-5940

International Journal of Advanced Research in Computer and Communication Engineering
ISO 3297:2007 Certified :: Impact Factor 8.102 :: Peer-reviewed / Refereed journal ::< Vol. 12, Issue 6, June 2023
DOI: 10.17148/IJARCCE.2023.12656

[27] Arney, Kat. n.d. “Science Is Broken. Here’s How to Fix It.” http://littleatoms.com/science/science-brokenhereshow-
fix-it.

[28] Andrei, Bogdan-Alexandru, Andrei-Cosmin Casu-Pop, Sorin-Catalin Gheorghe, and Costin-Anton Boiangiu. 2019.
“A Study on Using Waterfall and Agile Methods in Software Project Management.” Journal of Information Systems
& Operations Management, 125-35. [29] Gibney, Elizabeth. 2020. “This Ai Researcher Is Trying to Ward Off a
Reproducibility Crisis.” Nature 577 (7788): 14.

[30] Kardas, Marcin, Piotr Czapla, Pontus Stenetorp, Sebastian Ruder, Sebastian Riedel, Ross Taylor, and Robert Stojnic.
2020. “Axcell: Automatic Extraction of Results from Machine Learning Papers.” arXiv Preprint arXiv:2004.14356.

© 1JARCCE This work is licensed under a Creative Commons Attribution 4.0 International License 327


https://ijarcce.com/

