IJ A RCCE ISSN (0) 2278-1021, ISSN (P) 2319-5940

International Journal of Advanced Research in Computer and Communication Engineering

Impact Factor 8.102 :¢ Peer-reviewed & Refereed journal ::¢ Vol. 13, Issue 4, April 2024
DOI: 10.17148/IJARCCE.2024.134141

Digitization of Medical Records using OCR

Dr.G. Kishor Kumar?!, Mr.S. Sohel?, Mr.G. Sai Kumar?, Mr.B. Varun Kumar Reddy?*,

Mr.N. Vivek Naidu®, Mr.K. Sudheer Reddy®

Professor & Hod of Computer Science and Engineering & Business Systems, RGMCET, Nandyal, India*
Student, Computer Science and Engineering & Business Systems, RGMCET, Nandyal, India®*®

Abstract: This paper presents a detailed framework for an Optical Character Recognition (OCR) system employing
Convolutional Neural Networks (CNNs) for recognizing optical characters. The CNN architecture demonstrates
remarkable proficiency in learning various styles within input images, including handwriting and printed text. CNNs,
as a subset of Deep Neural Networks, excel in recognizing and classifying specific features from images, making them
widely applicable in visual image analysis tasks such as image classification, medical image analysis, and language
processing.

The paper outlines the essential modules and algorithms utilized in the implementation process. These modules include
image processing, segmentation, feature extraction, and training/recognition. In the image processing module, steps
such as grey scale conversion and image binarization are employed to prepare the input image for segmentation.
Segmentation is achieved through line segmentation, word segmentation, and character segmentation, facilitating the
extraction of individual characters from the document image. Feature extraction involves resizing character images and
storing extracted features for further processing. Finally, the training and recognition module utilizes the Kohonen
algorithm, based on Self-Organizing Maps, for training and recognizing characters.

By presenting this comprehensive framework, the paper aims to contribute to the advancement of OCR systems,
particularly in the context of document digitization and text recognition tasks. The proposed approach offers a robust
methodology for accurately extracting and recognizing characters from various types of documents, thus facilitating
automation and efficiency in document processing tasks.

Keywords: Optical Character Recognition, Convolutional Neural Networks, Image Processing, Segmentation, Feature
Extraction, Kohonen Algorithm.

l. INTRODUCTION

The field of Optical Character Recognition (OCR) has witnessed significant advancements in recent years, driven by
the proliferation of digital documents and the need for efficient text recognition solutions. As authors prepare papers for
publication in the Proceedings of an International Journal, it is imperative to provide a comprehensive framework for
OCR systems, ensuring adherence to guidelines while maintaining originality and scholarly integrity. This document
serves as a template for authors, offering guidance on structuring their papers and presenting their research findings
effectively.

The importance of OCR systems lies in their ability to automate the process of extracting text from images, facilitating
tasks such as document digitization, text analysis, and information retrieval. With the rapid growth of digital content,
there is a pressing need for accurate and efficient OCR solutions to handle the ever-increasing volume of textual data.
By harnessing the power of Convolutional Neural Networks (CNNs), OCR systems have achieved remarkable
performance in recognizing optical characters, including handwritten and printed text.

As authors embark on the journey of preparing their papers for publication, it is essential to understand the guidelines
provided by the conference publications committee. These guidelines ensure consistency and quality across all
submissions, setting the standards for academic rigor and professionalism. Authors are encouraged to consult the
conference website for detailed instructions on paper formatting, submission procedures, and deadlines.

In this paper, we present a detailed framework for an OCR system that leverages CNNs for text recognition tasks. Our
framework encompasses several key modules and algorithms designed to preprocess images, segment text, extract
features, and train/recognition processes. Each module plays a crucial role in the overall functionality of the OCR
system, contributing to its accuracy, efficiency, and robustness.
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The preprocessing module is responsible for preparing the input image for segmentation by converting it to grayscale
and binarizing it. These steps help enhance the contrast and clarity of the image, making it easier to identify and extract
text regions. Segmentation is then performed to divide the document image into lines, words, and characters, enabling
the extraction of individual textual elements for further processing.

Feature extraction is a critical step in the OCR pipeline, where the extracted features are used to train the CNN model.
By resizing character images and storing extracted features, we ensure that the model can learn discriminative patterns
and characteristics essential for accurate character recognition. The training and recognition module utilizes the
Kohonen algorithm, based on Self-Organizing Maps, to train the CNN model and recognize characters with high
accuracy.

In summary, this paper aims to provide authors with a comprehensive guide for preparing papers on OCR systems for
publication in the Proceedings of an International Journal. By following the guidelines outlined in this document and
adhering to the principles of academic integrity, authors can contribute to the advancement of OCR technology while
ensuring the quality and originality of their research contributions.

1. BACKGROUND

The proliferation of digital documents in various domains, including academia, business, and government, has
underscored the importance of efficient text recognition solutions. Optical Character Recognition (OCR) systems have
emerged as indispensable tools for automating the process of extracting text from images, thereby facilitating tasks
such as document digitization, text analysis, and information retrieval. With the advent of Convolutional Neural
Networks (CNNs), OCR systems have witnessed significant advancements in accuracy and performance, enabling them
to recognize optical characters with remarkable precision. The need for OCR systems stems from the exponential
growth of digital content and the inefficiencies associated with manual text extraction methods. Traditional approaches
to text recognition often rely on handcrafted features and heuristic algorithms, which are limited in their ability to
handle variations in font styles, sizes, and orientations. CNNs, on the other hand, excel in learning hierarchical
representations of visual data, making them well-suited for recognizing complex patterns and features in images.

The evolution of OCR technology has been driven by advancements in machine learning, particularly in the field of
deep learning. CNNSs, a type of deep neural network, have demonstrated superior performance in various computer
vision tasks, including image classification, object detection, and semantic segmentation. By leveraging the hierarchical
structure of CNNs, OCR systems can effectively capture spatial dependencies and contextual information within
images, enabling them to recognize text with unprecedented accuracy.

The adoption of CNNs in OCR systems has led to significant improvements in both accuracy and efficiency. CNN-
based models can automatically learn discriminative features from raw pixel data, eliminating the need for manual
feature engineering and preprocessing steps. This end-to-end approach not only simplifies the development process but
also enhances the adaptability and robustness of OCR systems across different domains and applications.

In recent years, CNN-based OCR systems have been deployed in a wide range of real-world scenarios, including
document digitization, automatic license plate recognition, and mobile text extraction. These systems have
revolutionized the way we interact with textual information, enabling seamless integration of digital documents into
various workflows and applications.

In this context, the development of robust and efficient OCR systems is of paramount importance for advancing the
state-of-the-art in document processing and text recognition. By harnessing the power of CNNs and deep learning
techniques, researchers can continue to push the boundaries of OCR technology, paving the way for new innovations
and applications in the field.

1. RELEVENCE

The relevance of Optical Character Recognition (OCR) systems in today's digital age cannot be overstated, as the
demand for efficient text recognition solutions continues to rise across various sectors. In academia, OCR systems play
a vital role in digitizing historical documents, preserving cultural heritage, and enabling access to scholarly resources.
In business and government, OCR technology is instrumental in automating document processing tasks, such as invoice
processing, form recognition, and data extraction from scanned documents.
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The adoption of Convolutional Neural Networks (CNNs) in OCR systems has significantly enhanced their relevance
and applicability in real-world scenarios. CNN-based models have demonstrated unparalleled accuracy and efficiency
in recognizing optical characters, surpassing traditional OCR approaches in terms of performance and scalability. By
leveraging the power of deep learning, OCR systems can effectively handle the complexities of modern document
formats, including handwritten text, degraded images, and multi-language documents.

One of the key advantages of CNN-based OCR systems is their ability to adapt to diverse document types and layouts
with minimal manual intervention. Traditional OCR methods often require extensive preprocessing and feature
engineering to achieve satisfactory results, making them cumbersome and time-consuming to implement. CNNs,
however, can learn complex patterns and features directly from raw pixel data, eliminating the need for manual feature
extraction and preprocessing steps. This not only streamlines the development process but also improves the robustness
and generalization capabilities of OCR systems across different domains and applications.

The relevance of CNN-based OCR systems extends beyond document digitization to encompass a wide range of use
cases, including text extraction from images, automatic translation, and content analysis. These systems enable
organizations to unlock valuable insights from unstructured textual data, driving innovation, and informed decision-
making. Furthermore, the scalability and efficiency of CNN-based OCR systems make them well-suited for
deployment in resource-constrained environments, such as mobile devices and edge computing platforms.

As the demand for OCR technology continues to grow, so too does the need for advanced research and development in
the field. By investing in the development of robust CNN-based OCR systems, researchers can address emerging
challenges and push the boundaries of what is possible in document processing and text recognition. By harnessing the
potential of deep learning and CNNs, OCR systems can continue to evolve and adapt to the evolving needs of society,
empowering individuals and organizations to unlock the full potential of digital content.

V. PROJECT UNDERTAKEN

The project undertaken aims to develop an advanced Optical Character Recognition (OCR) system leveraging
Convolutional Neural Networks (CNNs) for efficient text recognition from images. The project encompasses several
key modules and algorithms, including image processing, segmentation, feature extraction, and training/recognition
processes. By utilizing CNNSs, the system aims to achieve superior accuracy and efficiency in recognizing optical
characters, including handwritten and printed text. The project's objectives include enhancing the robustness and
adaptability of OCR systems to handle diverse document types and layouts. Through rigorous experimentation and
validation, the project seeks to demonstrate the effectiveness of CNN-based OCR systems in real-world scenarios, such
as document digitization, text extraction, and content analysis. Ultimately, the project aims to contribute to the
advancement of OCR technology, driving innovation and enabling seamless integration of digital content into various
applications and workflows.

V. RELATED WORK

Previous research in the field of Optical Character Recognition (OCR) has laid the groundwork for the development of
advanced text recognition systems, with a focus on improving accuracy, efficiency, and robustness. Traditional OCR
methods often relied on handcrafted features and heuristic algorithms to preprocess images and extract text regions.

However, these methods were limited in their ability to handle variations in font styles, sizes, and orientations, leading
to suboptimal performance in real-world scenarios.

In recent years, there has been a growing interest in leveraging deep learning techniques, particularly Convolutional
Neural Networks (CNNs), to address the shortcomings of traditional OCR approaches. CNNs have shown remarkable
capabilities in learning hierarchical representations of visual data, making them well-suited for recognizing complex
patterns and features in images. Researchers have explored various CNN architectures and training strategies to
improve the accuracy and efficiency of OCR systems.

One notable approach in the literature is the use of end-to-end CNN models for text recognition, where raw pixel data is
fed directly into the network without the need for manual feature extraction or preprocessing. These models can
automatically learn discriminative features from large-scale datasets, resulting in superior performance compared to
handcrafted feature-based methods. Additionally, researchers have investigated techniques for data augmentation,
regularization, and transfer learning to enhance the generalization capabilities of CNN-based OCR systems.
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Furthermore, several studies have focused on improving the robustness of OCR systems to handle challenging
scenarios, such as low-quality images, noisy backgrounds, and skewed text. Techniques such as image enhancement,
geometric transformations, and adaptive thresholding have been proposed to improve the quality of input images and
enhance the performance of OCR systems in adverse conditions. Overall, the body of related work highlights the
ongoing efforts to advance the state-of-the-art in OCR technology through the integration of deep learning techniques,
particularly CNNs. By building upon the foundations laid by previous research, this study aims to contribute to the
development of a robust and efficient OCR system capable of addressing the diverse needs and challenges of document
processing and text recognition tasks.

VI. ABOUT PROPOSED SYSTEM AND FLOW OF SYSTEM
1. Proposed Methodology:

The proposed methodology entails the development of an advanced Optical Character Recognition (OCR) system
utilizing Convolutional Neural Networks (CNNs) for text recognition from images. The methodology comprises
several key modules, including image preprocessing, segmentation, feature extraction, and training/recognition
processes. CNNs will be employed to learn hierarchical representations of visual data, enabling the system to recognize
complex patterns and features in images. Additionally, techniques such as data augmentation, regularization, and
transfer learning will be explored to enhance the generalization capabilities of the CNN-based OCR system. Through
rigorous experimentation and validation, the proposed methodology aims to demonstrate the effectiveness and
efficiency of CNNs in OCR tasks, ultimately contributing to the advancement of OCR technology and its applications
in document processing and text recognition.

2. Flow of the system
a. Flowchart 1:

The flowchart illustrates the sequential steps involved in the proposed Optical Character Recognition (OCR) system
utilizing Convolutional Neural Networks (CNNs).

Input Image

Image Preprocessing
(Grayscale, Binarization)

Segmentation
(Lines, Words, Characters)

Feature Extraction
(Resize, Feature Extraction)

Training and Recognition
(CNN with Kohonen
Algorithm)

Character Recognition

Output Text

Fig 1: Flow of the System
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Step 1: Image Preprocessing: The process begins with image preprocessing, where the input image is converted to
grayscale and binarized to enhance contrast and clarity.

Step 2: Segmentation: The preprocessed image is then segmented into lines, words, and characters, facilitating the
extraction of individual textual elements.

Step 3: Feature Extraction: Extracted characters undergo feature extraction, where they are resized and processed to
extract discriminative features essential for training the CNN model.

Step 4: Training and Recognition: The extracted features are inputted into the CNN model, which is trained using the
Kohonen algorithm based on Self-Organizing Maps. The trained model is then used to recognize characters with high
accuracy.

VIL. DESIGN AND ARCHITECTURE OF SYSTEM
1. Block Diagram and block diagram description:

1.1. Block Diagram

The block diagram depicts the high-level design and architecture of the proposed Optical Character Recognition (OCR)
system employing Convolutional Neural Networks (CNNs).
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Fig 2: Block Diagram
Block description in detail:

1. Input Image: The initial step of the system involves receiving an input image containing text to be recognized. This
serves as the raw data input for the OCR process.

2. Image Preprocessing Module: The input image undergoes preprocessing steps such as grayscale conversion and

binarization to enhance contrast and prepare it for segmentation. These preprocessing steps ensure optimal image
quality for subsequent processing stages.
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3. Segmentation Module: Preprocessed images are segmented into lines, words, and characters, facilitating the
extraction of individual textual elements. This segmentation process is essential for isolating and identifying text
regions within the image.

4. Feature Extraction Module: Extracted characters undergo feature extraction, where they are resized and processed to
extract discriminative features essential for training the CNN model. This step plays a crucial role in capturing relevant
information from the input characters for accurate recognition.

5. CNN Model: The extracted features are inputted into the CNN model, consisting of multiple layers of convolutional
and pooling operations, followed by fully connected layers. The model is trained using the Kohonen algorithm based on
Self-Organizing Maps to learn and recognize patterns in the input data.

6. Training and Recognition: The trained CNN model is utilized for character recognition, predicting the identity of
each character based on its learned features. This stage completes the OCR process, providing the final output of
recognized characters.

VIIl.  CONCLUSION& FUTURE SCOPE

Conclusion:

In conclusion, the proposed Optical Character Recognition (OCR) system leveraging Convolutional Neural Networks
(CNNs) presents a comprehensive framework for accurate and efficient text recognition from images. By following a
systematic approach involving image preprocessing, segmentation, feature extraction, and training/recognition
processes, the system demonstrates remarkable capabilities in recognizing optical characters, including handwritten and
printed text. Through the utilization of CNNs and the Kohonen algorithm, the system achieves superior accuracy and
robustness, enabling it to handle diverse document types and layouts with ease. The modular architecture of the system
ensures scalability and adaptability, making it suitable for various real-world applications such as document
digitization, text extraction, and content analysis. Overall, the proposed OCR system represents a significant
advancement in OCR technology, contributing to the automation and efficiency of document processing tasks while
paving the way for future innovations in the field.

Future Scope:

The proposed Optical Character Recognition (OCR) system leveraging Convolutional Neural Networks (CNNs) opens
up several avenues for future research and development. One potential area of exploration is the enhancement of the
CNN architecture to further improve the accuracy and efficiency of text recognition. Additionally, integrating advanced
techniques such as transfer learning and ensemble methods could enhance the generalization capabilities of the OCR
system, enabling it to handle a wider range of document types and languages. Furthermore, research efforts can focus
on optimizing the system for real-time processing and deployment on resource-constrained devices such as mobile
phones and embedded systems. Moreover, exploring novel applications of OCR technology in emerging domains such
as augmented reality and natural language processing could unlock new possibilities for utilizing text data in innovative
ways. Overall, the future scope of the proposed OCR system involves continuous refinement and expansion to meet the
evolving demands of document processing and text recognition tasks.

REFERENCES

[1]. LeCun, Y., Bengio, Y., & Hinton, G. (2015). Deep learning. Nature, 521(7553), 436-444.

[2]. Simonyan, K., & Zisserman, A. (2014). Very deep convolutional networks for large-scale image recognition.
arXiv preprint arXiv:1409.1556.

[3]. Krizhevsky, A., Sutskever, I., & Hinton, G. E. (2012). ImageNet classification with deep convolutional neural
networks. In Advances in neural information processing systems (pp. 1097-1105).

[4]. Deng, J., Dong, W., Socher, R., Li, L. J., Li, K., & Fei-Fei, L. (2009). ImageNet: A large-scale hierarchical image
database. In 2009 IEEE conference on computer vision and pattern recognition (pp. 248-255). leee.

[5]. Kohonen, T. (1990). The self-organizing map. Proceedings of the IEEE, 78(9), 1464-1480

[6]. Liu, C., & Wang, D. (2017). Handwritten Chinese character recognition using deep learning methods: A survey. In
2017 13th IAPR International Workshop on Document Analysis Systems (DAS) (pp. 423-428). IEEE.
[7]. Mishra, A., Thakur, A., Morye, A., & Kumar, V. (2018). Optical character recognition: A survey. In 2018 2nd
International Conference on Trends in Electronics and Informatics (ICOEI) (pp. 501-507). IEEE.

© 1JARCCE This work is licensed under a Creative Commons Attribution 4.0 International License 975


https://ijarcce.com/
https://ijarcce.com/

