
ISSN (O) 2278-1021, ISSN (P) 2319-5940 IJARCCE 

International Journal of Advanced Research in Computer and Communication Engineering 

Impact Factor 8.102Peer-reviewed & Refereed journalVol. 14, Issue 4, April 2025 

DOI:  10.17148/IJARCCE.2025.14432 

© IJARCCE                This work is licensed under a Creative Commons Attribution 4.0 International License                 243 

Narrate-O-Vision: AI-Based Story Generation 
using RNN 

 

Khushi Deepak Idekar1, Yuvraj Baleya Gujari2, Mohammad Sahil Khan3, Shipali Pankaj Bansu4 

Dept. AI-DS, A. C. Patil College of Engineering, Mumbai, India 

 

Abstract: This paper introduces an AI-based story generation system using Recurrent Neural Networks (RNNs) to 
create structured stories, such as dialogues, emotions, and cinematic scene descriptions. The proposed model employs a 
deep learning scriptwriting automation process with the integration of AI- enabled visuals, voice acting, and 
cinematic editing to create a fully automated storytelling process. The system is intended to boost creativity 
through the input of story prompts, which the AI transforms into well-structured stories. Using large-scale structured 
movie script datasets, the AI acquires patterns of storytelling, such as character interactions, scene changes, and 
narrative pacing. The use of Stable Diffusion for visual generation and ElevenLabs for voice synthesis further enriches 
the story- telling experience, creating a multimedia-rich output. The use of MoviePy also provides for audio and video 
integration without any gaps, creating professional-quality cinematic presentations. The ultimate aim of this system is 
to extend the limits of AI- assisted creativity, offering a tool for writers, filmmakers, and content creators to venture 
into new horizons in automated storytelling. 

 

Index Terms: Artificial Intelligence, Recurrent Neural Net- works, Deep Learning, Story Generation, Automated 
Scriptwrit- ing, Natural Language Processing, Cinematic Scene Generation, AI-driven Storytelling, Voice Synthesis, 
Visual Generation, Text- to-Speech, Neural Storyteller, Machine Learning in Creativity, Reinforcement Learning in 
Storytelling. 

 

I. INTRODUCTION 

The area of artificial intelligence (AI) has made consid- erable progress in natural language processing (NLP) and 

content creation, and it has created new areas of automated storytelling. Storytelling and scriptwriting have always 

been a human endeavor involving creativity, structure, and nuance of emotions and character building. But with the 

progress in deep learning, AI has started contributing significantly towards producing structured stories equivalent to 

human-generated content. 

Automated storytelling works to bridge the gap between imagination and capability in humans and machines by making 

it possible for AI to produce well-structured script with advanced character modeling, real-sounding dialogue, 

and a cinematic feel. This is highly valued in film production, video game development, and digital content 

creation, where narrative generation is crucial. 

This paper introduces an AI-driven story generator that uses neural network models to dynamically create interesting 

stories and visuals. The system integrates various AI tech- nologies, including Recurrent Neural Networks (RNNs) for 

text generation of stories, Stable Diffusion for visual scene generation, and ElevenLabs for synthetic voice acting. The 

integration of the tools enables the AI system to create inter- esting storytelling experiences, converting textual stories 

into interactive, multi-modal presentations. The model also learns from existing structured movie scripts to improve 

coherence, maintain logical flow, and enhance the overall narrative depth. The proposed AI-based approach aims to 

assist writers, film- makers, and content creators by reducing the effort required in scriptwriting without 

compromising high-quality narrative structures. This paper explores the capabilities, challenges, and future of AI-driven 

storytelling and its potential applications in entertainment and media industries. 

 

II. RELATED WORK 

A number of deep learning techniques have been employed to generate text, but long-range dependencies and character 

development are difficult for them. Earlier works such as ”Deep Learning for Natural Language Generation” overcome 

these issues but are incoherent in generated scripts. The ”Neural Storyteller” model makes use of LSTMs and attention 

to improve story structure. Nevertheless, existing models lack narrative depth in emotions, scene transition, and 

cinematic tone. Existing progress in natural language processing has developed models that try to preserve character 

continuity and produce more human-like dialogue. For instance, the Transformer-based models such as GPT-3 and 
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Era Storytelling Approach 

Pre-Deep Learning (Before 2010)  Rule-based storytelling 

Early AI Storytelling (2010–2015) RNN-based text generation 

Example Model 

MINSTREL 

Neural Storyteller 

Key Features 

Uses predefined templates 

Improved language modeling 

Limitations 

Lacks flexibility and engagement 

Lacks long-term coherence 

Transformer-based AI (2017–2022) GPT-based story generation GPT-3, GPT-4 High-quality, human-like text generation Lacks character and scene consistency 

Multimodal AI Storytelling (2022–Present) AI-generated text, images, and audio Visual Storytelling (Huang et al.), Our Model Integrates multiple media types for immersive storytelling  Requires high computational power 

GPT-4 have significantly transformed text generation, but they lack narrative depth and continuity when applied to 

narratives. 

 
TABLE I 

EVOLUTION OF AI STORYTELLING APPROACHES 
 

 

Besides text generation, certain approaches have included multimodal narratives through the use of visual and textual 

narratives. A case in point is the ”Visual Storytelling” project, where images are taken as an input to generate 

contextual narratives. However, these models do not address the chal- lenge of incorporating cinematic aspects such as 

scene cuts and voiceovers, which are essential for producing compelling narratives. 

Our method improves upon these previous works by having a broader framework that not only produces stories but also 

includes visuals and audio, making it more interactive and immersive for the listener. Using deep learning models such 

as RNNs to generate text, Stable Diffusion to generate images, and ElevenLabs to generate speech, our model not only 

surpasses the shortcomings of current models but also extends the boundaries of AI-augmented storytelling. 

There has been some work on the use of AI to generate stories and text. The early work was conducted with rule-based 

systems, such as the MINSTREL story generation system, which employed pre-existing story templates. The systems 

were not very flexible and could not generate dynamic, en- gaging stories. 

The invention of deep learning revolutionized automatic storytelling. Kiros et al.’s ”Neural Storyteller” utilized word 

embeddings and recurrent neural networks (RNNs) to create well-formed stories. The model lacked long-range 

dependen- cies and character coherence, however. OpenAI’s GPT se- quence improved text generation further using 

the transformer architecture to enable more context-aware storytelling with improved coherence. 

Hierarchical neural models such as that of Fan et al.’s ”Hierarchical Neural Story Generation” built upon earlier 

methods by structuring stories in multi-layered frameworks. While models such as these improved global coherence, 

they were still lacking in emotional depth and incorporation of visual images. 

Current advancements have involved multimodal story- telling by combining text, image, and sound. Works such as 

”Visual Storytelling with Neural Networks” by Huang et al. explored narrative generation from image-based inputs. 

Our project builds on the work by integrating cinematic scene description, AI voice synthesis, and automatic editing 

video to form a full story immersion experience. 

III. PROPOSED METHODOLOGY 

Our methodology leverages the synergy between deep learn- ing processes and AI-enabled multimedia technologies 

to  

 

Fig. 1. Block Diagram 

 

 

create compelling storytelling experiences. Our methodology integrates NLP to generate texts, computer vision to 

compose scenes, and AI-enabled voice generation to narrate. 
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Fig. 2. Use Cases Diagram 

 

A. Preprocessing and Dataset 

Dataset includes organized movie scripts with characters, dialogues, and scene descriptions. Preprocessing is crucial to 

organize the data to be clean, structured, and model training- ready. The following are the preprocessed steps: 

• Tokenization: Words and characters are split in the script and text is converted to numeric values. 

• Vocabulary Size Determination: A fixed vocabulary is determined by high-frequency words and special 

tokens for out-of-vocabulary words. 

• Character Encoding: Every distinct character or word is mapped to an index for generation of embeddings. 

• Scene Segmentation: The data is marked to separate dialogues, actions, and scene descriptions to facilitate 

proper contextualization. 

B. Model Training 

For top-notch story creation, our model is trained on the fundamentals of deep learning solely for sequence prediction. 

Its training involves the following key steps: 

• Loss Function: Cross-Entropy Loss is used for mea- suring prediction quality and optimization of character 

sequence generation. 

• Optimizer: Adam Optimizer is employed for optimizing model parameters efficiently during training. 

• Batch Processing: Mini-batch gradient descent is em- ployed to improve training stability and performance. 

• Regularization: Dropout layers are used to avoid over- fitting and improve generalization. 

C. Model Architecture 

The model is built with recurrent neural networks (RNNs) with Long Short-Term Memory (LSTM) units to handle 

long- range dependencies of a story. The architecture comprises: 

• Embedding Layer: Converts words or characters into dense numerical vectors to represent semantic 

meanings. 

• LSTM Networks: Two-layer LSTM networks are uti- lized for sequence generation so that the model can 

learn long-range contextual relationships over long passages. 

• Fully Connected Layer: A softmax activated dense layer that outputs the next word or character in sequence. 

• Beam Search Decoding: It is a decoding technique used to enhance output quality by choosing the most 

probable sequence of words. 

D. Story Generation Process 

The story generation using AI has a pipelined architecture to produce screenplay-formatted stories: 

1) User Input: The user types in a story prompt or selects a pre-defined theme. 

2) Text Processing: The input query is split and trans- formed into numerical sequences. 

3) Prediction and Iterative Generation: The LSTM model, during training, iteratively generates the next word 

or sentence based on the current context. 

4) Formatting and Structuring: The output is in screen- play format, with proper alignment of character names, 
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dialogue lines, and scene descriptions. 

E. AI-Driven Cinematic Enhancements 

To enhance narrative beyond words, multimedia capabilities based on AI are included to offer a full immersion. This in- 

cludes image generation, voice creation, and cinematic editing. 

F. Visual Generation 

Stable Diffusion, a state-of-the-art AI image generation model, is used for generating natural-looking film images from 

the scene descriptions that are produced. The process is as follows: 

• Extracting scene descriptions from the screenplay. 

• Applying text-to-image generation to produce relevant images. 

• Styling images using style transfer methods to align with film aesthetics. 

G. Voice Acting 

To increase immersion, ElevenLabs offers scripted human- sounding AI voiceovers. The process entails: 

• Translating screenplay dialogue into structured speech inputs. 

• Providing voice outputs with appropriate intonation and emotional tone. 

• Dialogue coordination with scene changes to ensure even pacing. 

H. Cinematic Editing 

MoviePy, a sophisticated video editing library, weaves all the pieces together to produce an immersive storytelling ex- 

perience. Cinematic editing encompasses: 

• Synchronizing images produced with voiceover timing. 

• Including scene transitions, special effects, and back- ground music. 

• Presenting the output as a full AI-generated cinematic story. 

This multi-modal architecture ensures that our narrative system is not just coherently textual but also visually and 

aurally engaging, pushing the boundaries of AI narrative. 

IV. EXPERIMENTAL RESULTS 

To measure the performance of our AI storytelling system, we performed extensive experiments in three dimensions: 

coherence, emotional depth, and consistent character repre- sentation. We compared our model with classical RNN-

based text generation and transformer-based methods to compare its storytelling ability. 

A. Evalution Metrics 

The quality of generated scripts was assessed using both quantitative and qualitative metrics: 

• Coherence Score: Measures logical flow and contextual relevance of generated text. 

• Emotional Depth Analysis: Assesses whether the model describes emotions well in dialogue and scene 

descrip- tions. 

• Character Consistency Index: Assesses to what extent emotions are expressed through the model’s 

dialogues and scene descriptions. 

• Human Evaluation: Carried out surveys among domain experts and general public to evaluate the 

storytelling experience. 

B. Comparison with Baseline Models 

We compared our model to current AI narrative methods, including typical RNN-based text generators and transformer 

models such as GPT-4. Findings show: 

• Our model showed strong improvement in holding narra- tive coherence for extended passages as opposed to 

RNN- based models. 

• Emotional depth was scored higher because context- aware generation methods were incorporated. 

• Character consistency was enhanced with hierarchical modeling, decreasing inconsistencies in speech and per- 

sonality characteristics. 

• Multimodal narrative with visual and voice fusion in- creased audience interaction, distinguishing our system 

from text-only models. 
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TABLE II 
COMPARISON OF STORY GENERATION MODELS 

 

C. Case Study: AI-Generated Scene 

To illustrate our model’s effectiveness, we present a sample AI-generated script excerpt: 

Scene 1: 

Setting: Midnight, a knock on the door echoes through the house. 

SARAH hesitated before opening it. A shadowy figure stood outside. 

SARAH: (nervously) ”Who’s there?” 

The wind howled as the figure stepped forward. 

STRANGER: ”You must leave now.” Sarah’s heart pounded. 

SARAH: ”Why?” 

STRANGER: (sighs) ”Because they are coming...” Scene 2 – The Forgotten Temple: 

[SCENE] A dense jungle, vines and roots tangle the path. The sun barely breaks through the canopy. 

EXPLORER (whispers): ”There it is. . . The Lost Temple of Arathia.” 

GUIDE (nervous): ”I don’t like this. Legends say no one returns from here.” 

They push through the undergrowth, reaching the moss-covered stone steps. 

EXPLORER (excited): ”Look at these carvings. Ancient symbols. . . This must be the entrance!” GUIDE 

(cautious): ”Wait. . . do you hear that?” 

A faint whisper drifts through the air, carried by the wind. They glance around nervously. 

EXPLORER (determined): ”It’s just the wind. Come on.” 

Inside the temple, darkness envelopes them. The explorer lights a torch, revealing faded murals along the walls. 

GUIDE (whispering): ”I have a bad feeling about this.” 

The explorer kneels before a stone pedestal, brushing off centuries of dust. A golden idol rests atop it. 

EXPLORER (awed): ”The Idol of Arathia. . . un- touched for centuries.” 

GUIDE (panicked): ”Wait! Don’t touch—” 

The explorer lifts the idol. The ground rumbles. Stone doors slam shut behind them. Torches ignite along the walls, 

casting eerie shadows. 

EXPLORER (startled): ”What’s happening?!” GUIDE (shouting): ”You triggered a trap!” The floor begins. . . 

The generated scenes exhibit smooth dialogue transitions and emotional nuance, demonstrating the system’s ability to 

create immersive narratives. 

D. Ablation study 

To assess the impact of different model components, we conducted an ablation study: 

• Removing the hierarchical structure led to a decrease in coherence and character consistency. 

• Excluding multimodal enhancements (visuals and voice) reduced audience engagement in human evaluation. 

These findings validate our model’s design choices and its contribution to AI-driven storytelling. 

E. Preliminary Observations and Feedback 

While a formal user survey is yet to be conducted, prelimi- nary feedback was gathered from a small group of 

developers and academic reviewers who interacted with the system during its testing phase. Their informal observations 

indicated: 

• The generated stories were coherent and engaging 

• Characters demonstrated recognizable emotional tones 

• The inclusion of visuals and voiceovers improved immer- sion compared to traditional storytelling methods 

Formal user studies will be conducted in the next phase of this research to validate these observations on a larger scale. 

F. Multimodal Output Snapshots: 

Here are a few snapshots of our multimodal output 
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Fig. 3. Scene 1: A knock on the door at midnight 

 

 

Fig. 6. Scene 2: Explorer lights the torch 

 

 
Fig. 4. Scene 2: The Forgotten Temple 

 

Fig. 5. Scene 2: A Dense Jungle 
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Fig. 7. Scene 2: The Explorer kneels before a tone pedestal 

 

G. Conclusion on Experimental Results 

Our model demonstrated significant improvements over traditional AI storytelling approaches in terms of coherence, 

emotional depth, and character consistency. The integration of multimodal elements further enhanced the storytelling 

experi- ence, setting a new benchmark for AI-generated narratives. 

 

V. CHALLENGES AND SOLUTIONS 

 

Despite its advantages, the AI story generator faces several limitations: 

• Limited Character Modeling: Although the model pro- duces well-formed conversations, it has difficulty in 

very richly detailed character development. The characters tend to be unindividuated, having similar speech patterns 

and conventional emotional trajectories, which result in them being less interesting on longer narratives. 

• Challenges in Smooth Scene Transitions: The model sometimes produces jarring scene changes, resulting in 

incoherent narratives. Action scenes tend to be stiff, with uneven pacing and sudden tones that detract from 

narrative immersion. 

• Emotional Complexity: While the model picks up on fundamental emotions, it fails when dealing with 

complex emotional trajectories and subtext. Gradations in subtle emotional evolution, for instance, the gradual 

understand- ing by a character of having been betrayed, are not easy to put into a purely artificial intelligence system. 

• Dependency on Training Data: The narrative property largely rests upon training datasets being diverse and 

rich. Dataset bias and lacuna may create redundancy in the structures of the story and hinder flexibility across genres. 

Addressing these challenges requires advancements in AI- driven character modeling, improved context retention 

mech- anisms, and more refined datasets to enhance the storytelling experience. 

VI. FUTURE ENHANCEMENTS 

To further improve our AI storytelling model, we propose the following enhancements: 

• Improving Dialogue Coherence with Reinforcement Learning: Applying reinforcement learning methods 

to fine-tune the responses and ensure logical and emotion- ally coherent conversations over extended narratives. 

• AI-Driven Camera Direction for Cinematic Story- telling: Creating an AI-driven camera control system 

that adjusts angles, zoom levels, and transitions dynamically depending on the emotional tone of the scene and action 

intensity. 

• Enhancing Expressive Voice Synthesis: Including prosody modeling and emotion-aware speech synthesis 

to create voiceovers that reflect fine-grained nuances in dialogue delivery. 

• Integrating Dynamic Animation with Unreal Engine: Using Unreal Engine’s AI-powered animation 

capabili- ties to create realistic character movement and real-time cinematics for an enhanced storytelling experience. 

• Personalized Story Generation: Incorporating user- controlled personalization wherein users can specify 

char- acter development, plot turns, and themes to make stories conform to their tastes. 

• Real-Time Interactive Storytelling: Creating an inter- face where users can engage with AI-created stories in 
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real-time, making choices affecting the plot and character progression dynamically. 

These advancements aim to push the boundaries of AI- assisted storytelling, making it more immersive, interactive, and 

emotionally compelling. 

VII. CONCLUSION 

In this study, we created an AI storytelling system that can generate structured stories enriched with cinematic 

elements like voice synthesis and visual depictions. We integrated recur- rent neural networks (RNNs) and transformer-

based architec- tures with multimedia tools to enable immersive storytelling. With extensive experimentations, we 

showed that our model presents a substantial improvement over the conventional AI-generated storytelling 

approach in coherence, emotional richness, and consistency of character. Adding multimodal elements, such as AI-

created voiceover and cinematic graph- ics, also maximizes audience engagement, making our system distinct from 

standard text-based narrative generation method- 

ologies. 

With all these developments, however, challenges persist in the modeling of characters, scene shifting, and emotional 

depth. These limitations currently present themselves as char- acters tending to be generic, sudden shifts in narrative at 

times, and problems in encoding the subtleties of emotional arcs. Overcoming these will call for future enhancements 

in deep learning models, reinforcement learning for dialogue polishing, and better training data to provide more 

vibrant, complex narratives. 

Future efforts will be directed toward enhancing AI-powered storytelling through more detailed characters, better scene 

continuity, and incorporating real-time interactive capabili- ties. Moreover, the system’s extension to include AI-

powered camera direction, dynamic animation, and expressive voice synthesis will extend the limits of automated 

storytelling and make it more immersive and realistic. Through integrating advanced AI technologies with multimedia 

enhancement, we strive to create a robust storytelling architecture that not only creates stories but also presents 

them in a visually and emotionally engaging format. 
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