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Abstract: The construction industry faces significant challenges in resource allocation, workforce management and 

project scheduling, leading to cost overruns and delays. Traditional Building Information Modeling (BIM) approaches 

lack intelligent decision-making capabilities for dynamic resource optimization. This research presents a novel framework 

integrating machine learning (ML) and deep learning (DL) techniques with BIM for intelligent resource and workforce 

management in construction projects. The proposed system utilizes Support Vector Machines (SVM), Random Forests 

and Convolutional Neural Networks (CNN) to predict resource requirements, optimize workforce allocation and automate 

construction scheduling. The framework processes historical construction data through a multi-layered architecture that 

combines BIM model data with real-time project parameters. Experimental validation using the PSPLIB dataset and real-

world construction projects demonstrates significant improvements in resource utilization efficiency (25% improvement), 

schedule accuracy (18% reduction in delays) and cost optimization (15% reduction in project costs) compared to 

traditional methods. The system achieved 89% accuracy in predicting resource requirements and 92% precision in 

workforce allocation decisions. Deep learning models showed superior performance in clash detection and conflict 

resolution, achieving 95% accuracy in identifying potential construction conflicts. The integration of predictive analytics 

with BIM data enables proactive decision-making, reducing manual intervention by 40% and improving overall project 

delivery timelines. This research contributes to the advancement of intelligent construction management systems and 

provides a foundation for future development of autonomous project management platforms. 

Keywords: Building Information Modeling, Machine Learning, Deep Learning, Resource Optimization, Workforce 

Management, Construction Scheduling, Predictive Analytics, Intelligent Construction 

1. INTRODUCTION 

The construction industry represents one of the largest economic sectors globally, yet it continues to face persistent 

challenges in project delivery, resource management and cost control[1]. Traditional construction management approaches 

rely heavily on manual processes and experience-based decision-making, resulting in significant inefficiencies, cost 

overruns and schedule delays. Building Information Modeling (BIM) has emerged as a transformative technology that 

enables comprehensive digital representation of building projects, facilitating improved collaboration, design 

coordination and project management[2]. 

However, conventional BIM implementations lack intelligent capabilities for dynamic resource optimization and 

predictive analytics. The integration of artificial intelligence particularly machine learning and deep learning 

technologies, presents unprecedented opportunities to enhance BIM functionality and address longstanding challenges in 

construction project management[3]. Machine learning algorithms can analyze vast amounts of historical construction data 

to identify patterns, predict outcomes and optimize resource allocation decisions while deep learning techniques enable 

automated feature extraction and complex pattern recognition in construction processes[4]. 

1.1 Problem Statement 

Construction projects consistently experience significant challenges in resource allocation and workforce management 

with industry studies indicating that 90% of projects exceed their initial budgets and 80% face schedule delays[5]. 

Traditional resource management approaches in BIM systems rely on static planning methodologies that cannot adapt to 

dynamic project conditions, resulting in suboptimal resource utilization and increased project risks. The lack of intelligent 
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predictive capabilities in current BIM platforms limits their effectiveness in proactive decision-making and real-time 

optimization of construction operations. 

1.2 Research Objectives 

This research aims to develop an intelligent framework that integrates machine learning and deep learning techniques 

with BIM for enhanced resource and workforce management in construction projects. The primary objectives include: 

developing predictive models for accurate resource requirement estimation, creating intelligent workforce allocation 

algorithms based on project dynamics, implementing automated scheduling systems using machine learning approaches 

and establishing real-time optimization mechanisms for construction resource management. 

1.3 Research Significance 

The significance of this research lies in its potential to revolutionize construction project management through intelligent 

automation and predictive analytics. By combining the comprehensive data management capabilities of BIM with the 

analytical power of machine learning and deep learning, this framework addresses critical gaps in current construction 

management practices. The research contributes to the advancement of digital construction transformation and provides 

practical solutions for industry practitioners seeking to improve project efficiency and reduce costs. 

1.4 Research Scope and Limitations 

This research focuses specifically on the integration of machine learning and deep learning techniques with BIM for 

resource and workforce optimization in building construction projects. The scope includes the development of predictive 

models, optimization algorithms and validation through real-world datasets. The study is limited to building construction 

projects and does not encompass infrastructure or specialized construction domains. Additionally, the research assumes 

the availability of standardized BIM data formats and historical project information for model training and validation. 

2. LITERATURE SURVEY 

The intersection of machine learning, deep learning and BIM has gained significant attention in recent construction 

research. This section reviews relevant literature to identify current developments, methodologies and research gaps in 

intelligent construction management systems. 

Machine learning applications in construction have evolved from basic data analysis to sophisticated predictive modeling 

systems[6]. Recent research demonstrates the potential of ML algorithms in automating construction site management 

tasks including equipment detection, safety warning systems and progress evaluation. Deep learning techniques 

particularly convolutional neural networks, have shown remarkable success in construction object recognition and 

automated quality assessment[2]. 

BIM technology has progressed beyond traditional 3D modeling to incorporate temporal and cost dimensions, enabling 

comprehensive project lifecycle management[7]. However, the integration of intelligent analytics within BIM frameworks 

remains limited with most current implementations relying on rule-based systems rather than adaptive learning 

algorithms. The combination of BIM with machine learning presents opportunities for enhanced decision-making 

capabilities and automated optimization of construction processes[1]. 

The literature review reveals significant research gaps in the integration of machine learning and deep learning with BIM 

for comprehensive resource and workforce management. While individual studies demonstrate the effectiveness of AI 

techniques in specific construction tasks, there is a lack of holistic frameworks that combine predictive analytics, 

optimization algorithms and real-time adaptation capabilities within BIM environments. 
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2.1 Literature Review Table 

Paper Title Authors/Year Key Findings Methodology Research Gaps 

Applications of 

'deep learning' in 

construction site 

management 

Queen's 

University 

Belfast (2023) 

Deep learning 

effectively automates 

site management tasks 

with 89% accuracy in 

worker detection 

CNN-based object 

detection, LSTM 

for motion analysis 

Limited large-scale 

validation, lack of 

integration with BIM 

systems 

Predictive Project 

Management in 

Construction 

SSRN (2024) SVM and Random 

Forests achieved 25% 

improvement in 

resource estimation 

accuracy 

Machine learning 

models for 

scheduling and 

resource estimation 

Lacks real-time 

optimization and 

workforce 

management 

integration 

Machine Learning 

Methods in BIM-

Based 

Applications 

World Scientific 

(2023) 

Classification 

algorithms enable 

automated BIM tasks 

with 89% building 

categorization accuracy 

HOG+SVM, CNN-

based classification 

Limited to building 

categorization, no 

resource 

optimization 

framework 

Generation of 

Construction 

Scheduling 

through Machine 

Learning 

KFUPM (2024) ML models can 

automatically generate 

construction schedules 

from BIM data 

IFC-based data 

extraction with ML 

scheduling 

Manual constraint 

definition, lacks 

dynamic 

optimization 

Deep Learning-

Based Automation 

of Scan-to-BIM 

ASCE (2022) 53.33% improvement in 

object detection 

accuracy for BIM 

automation 

Semantic 

segmentation with 

deep learning 

Limited to object 

detection, no 

resource 

management 

capabilities 

Bi-objective 

resource-

constrained project 

scheduling 

ScienceDirect 

(2022) 

Multi-objective 

optimization addresses 

makespan and cost 

considerations 

NSGA-II algorithm 

for Pareto solutions 

Static optimization, 

no machine learning 

integration 

3. METHODOLOGY 

This research employs a comprehensive methodology that integrates machine learning and deep learning techniques with 

BIM data to create an intelligent resource and workforce management framework. The methodology consists of five 

interconnected subsections that collectively address the research objectives and provide a systematic approach to 

developing and validating the proposed system. 

3.1 System Architecture Design 

The proposed framework adopts a multi-layered architecture that seamlessly integrates BIM data processing, machine 

learning algorithms and optimization engines. The architecture consists of four primary layers: the Data Acquisition Layer 

that processes BIM models and extracts relevant construction parameters, the Analytics Layer that implements machine 

learning and deep learning algorithms for predictive modeling, the Optimization Layer that applies intelligent algorithms 

for resource allocation and scheduling decisions and the Visualization Layer that presents results and recommendations 

through enhanced BIM interfaces[8]. 

The system architecture utilizes Industry Foundation Classes (IFC) standards for BIM data extraction, ensuring 

compatibility with various BIM software platforms. The framework processes geometric, temporal and semantic 

information from BIM models to create comprehensive datasets for machine learning analysis. Real-time data integration 

capabilities enable continuous model updates based on project progress and changing conditions[9]. 
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3.2 Data Collection and Preprocessing 

The research utilizes multiple data sources to ensure comprehensive coverage of construction project variables. Primary 

data sources include the PSPLIB dataset for resource-constrained project scheduling problems, containing over 30,000 

project instances with varying complexity levels[10]. Additional data sources comprise real-world construction projects 

from the Operations Research & Scheduling Research Group database, providing empirical validation data with more 

than 180 project instances[10]. 

Data preprocessing involves standardization of BIM model parameters, extraction of relevant features from IFC files and 

creation of normalized datasets for machine learning analysis. The preprocessing pipeline implements data quality checks, 

handles missing values through intelligent imputation techniques and performs feature engineering to enhance model 

performance. Temporal data is processed to capture project progression patterns and resource utilization trends. 

3.3 Machine Learning Model Development 

The framework shown in figure 1 implements multiple machine learning algorithms optimized for different aspects of 

construction resource management. Support Vector Machines (SVM) are employed for risk classification and delay 

prediction with kernel functions optimized for construction data characteristics. The SVM model is formulated as: 

𝑓(𝑥) =∑α𝑖𝑦𝑖𝐾(𝑥𝑖 , 𝑥)

𝑛

𝑖=1

+ 𝑏 

where 𝛼𝑖 represents support vector coefficients, 𝑦𝑖  denotes class labels and 𝐾(𝑥𝑖 , 𝑥) is the kernel function[4]. 

Random Forest algorithms are utilized for resource requirement prediction and cost estimation, providing robust 

performance across diverse project types. The Random Forest prediction is calculated as: 

𝑦̂ =
1

𝐵
∑𝑇𝑏(𝑥)

𝐵

𝑏=1

 

where 𝐵 represents the number of trees and 𝑇𝑏(𝑥) denotes individual tree predictions[4]. 

 

Figure 1: SVM decision boundaries (with a kernel) and Random Forest regression prediction on synthetic data. Left 

plot: SVM classification with a radial basis function (RBF) kernel showing the decision boundary and margins. Right 

plot: Random Forest regression predicting resource requirement from one feature with training and test points. 

3.4 Deep Learning Implementation 

Deep learning components focus on automated feature extraction from BIM data and construction site monitoring.  

Convolutional Neural Networks (CNN) are implemented for automated object detection and classification within BIM  
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models, achieving superior accuracy in identifying construction elements and potential conflicts. The CNN architecture 

utilizes multiple convolutional layers with ReLU activation functions, followed by pooling layers for dimensional 

reduction[11]. 

Long Short-Term Memory (LSTM) networks are employed for sequential data analysis and prediction of construction 

progress patterns. The LSTM formulation includes: 

𝑓𝑡 = σ(𝑊𝑓 ⋅ [ℎ𝑡−1, 𝑥𝑡] + 𝑏𝑓) 

𝑖𝑡 = σ(𝑊𝑖 ⋅ [ℎ𝑡−1, 𝑥𝑡] + 𝑏𝑖)  
𝐶𝑡 = 𝑓𝑡 ∗ 𝐶𝑡−1 + 𝑖𝑡 ∗ tanh(𝑊𝐶 ⋅ [ℎ𝑡−1, 𝑥𝑡] + 𝑏𝐶) 

where 𝑓𝑡, 𝑖𝑡 and 𝐶𝑡 represent forget gate, input gate and cell state respectively[2]. 

3.5 Optimization and Validation Framework 

The optimization framework combines genetic algorithms with machine learning predictions to achieve optimal resource 

allocation decisions. The genetic algorithm implementation utilizes population-based search strategies to explore solution 

spaces and identify optimal resource configurations. Fitness functions incorporate multiple objectives including cost 

minimization, schedule optimization and resource utilization efficiency[12]. 

Validation procedures include cross-validation techniques for machine learning models, comparative analysis with 

existing construction management systems and real-world case study implementations. Performance metrics encompass 

prediction accuracy, optimization efficiency, computational complexity and practical applicability in construction 

environments. Statistical significance testing ensures robust validation of research findings and enables reliable 

comparison with baseline methodologies. 

4. RESULTS AND FINDINGS 

The experimental validation of the proposed framework demonstrates significant improvements in construction resource 

management and workforce optimization. This section presents comprehensive results obtained through systematic 

testing using real-world datasets and comparative analysis with existing methodologies. 

4.1 Predictive Model Performance 

The machine learning models achieved remarkable accuracy in predicting resource requirements and construction 

outcomes. The SVM model for risk classification achieved 92% accuracy in identifying potential project delays with 

precision and recall values of 89% and 94% respectively. The Random Forest algorithm for resource estimation 

demonstrated superior performance with a Mean Absolute Percentage Error (MAPE) of 8.3%, representing a 25% 

improvement over traditional estimation methods[4]. 

Table 1: Machine Learning Model Performance Metrics 

Model Type Accuracy 

(%) 

Precision 

(%) 

Recall 

(%) 

F1-Score 

(%) 

MAPE 

(%) 

      

SVM (Risk Classification) 92.1 89.4 94.2 91.7 - 

Random Forest (Resource 

Prediction) 

88.7 86.2 90.1 88.1 8.3 

CNN (Object Detection) 94.8 92.6 96.1 94.3 - 

LSTM (Progress Prediction) 87.3 84.7 89.8 87.2 11.7 

 

The CNN model for automated object detection in BIM environments achieved 94.8% accuracy, significantly 

outperforming traditional rule-based approaches by 37.8 percentage points. The model successfully identified 13 different 

object classes with high precision, enabling automated clash detection and conflict resolution[11]. 
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Figure 2: Performance Metrics of Machine Learning Models in BIM-based Construction Management 

4.2 Resource Optimization Results 

The optimization framework demonstrated substantial improvements in resource utilization efficiency and cost reduction. 

Comparative analysis with traditional construction management approaches revealed a 25% improvement in resource 

allocation accuracy and an 18% reduction in project delays[4]. The genetic algorithm optimization achieved convergence 

within 150 generations, providing optimal solutions for complex resource allocation problems. 

Table 2: Resource Optimization Performance Comparison 

Metric Traditional Method Proposed Framework Improvement (%) 

Resource Utilization Efficiency 67.3% 84.1% 25.0% 

Schedule Accuracy 72.8% 89.4% 22.8% 

Cost Overrun Reduction Baseline 15.2% reduction 15.2% 

Manual Intervention 78.5% 47.1% 40.0% 

Clash Detection Accuracy 58.2% 95.7% 64.4% 

 

The framework achieved a 15.2% reduction in project costs through optimized resource allocation and improved 

scheduling accuracy. Manual intervention requirements decreased by 40%, enabling more automated project management 

processes and reducing human error impact on project outcomes. 
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Figure 3: Comparison of Resource Optimization Performance Metrics 

4.3 Deep Learning Analysis Results 

Deep learning models provided enhanced capabilities for automated construction management tasks. The semantic 

segmentation model achieved 95.7% accuracy in clash detection, identifying potential conflicts between different 

construction elements before physical implementation. The LSTM network for progress prediction demonstrated strong 

correlation (R² = 0.847) between predicted and actual project timelines[2]. 

Table 3: Deep Learning Model Validation Results 

Application Domain Model Type Dataset Size Accuracy (%) Processing Time (ms) 

Clash Detection CNN 2,400 BIM models 95.7 23.4 

Object Classification ResNet-152 1,800 images 89.2 45.7 

Progress Monitoring LSTM 150 projects 87.3 12.8 

Safety Assessment YOLO 3,200 site images 91.6 18.9 

 

The processing efficiency of deep learning models enables real-time analysis of construction data with average processing 

times below 50 milliseconds for most applications. This performance supports practical implementation in construction 

environments where rapid decision-making is crucial. 
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Figure 4: Deep Learning Model Validation Results for Automated Construction Management 

4.4 Case Study Validation 

Real-world validation through construction case studies confirmed the practical applicability of the proposed framework. 

A large-scale office building project (45,000 m²) served as the primary validation case, demonstrating measurable 

improvements in project delivery metrics. The framework successfully predicted 94% of resource requirement 

fluctuations and achieved 89% accuracy in workforce allocation decisions. 

Table 4: Case Study Results - Office Building Project 

Project Phase Traditional Duration (days) Optimized Duration (days) Time Savings (%) 

Foundation 32 28 12.5 

Structure 95 78 17.9 

MEP Installation 67 55 17.9 

Finishing 45 39 13.3 

Total Project 239 200 16.3 

 

The case study results demonstrate consistent improvements across all project phases with the most significant gains 

observed during structural and MEP installation phases. Total project duration was reduced by 16.3%, translating to 

substantial cost savings and improved client satisfaction. 
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Figure 5: Case Study Results: Office Building Project Duration Optimization 

5. DISCUSSION 

The integration of machine learning and deep learning techniques with BIM has demonstrated significant potential for 

transforming construction resource management and workforce optimization. This section provides comprehensive 

analysis of the research findings, their implications and comparison with existing literature. 

5.1 Performance Analysis and Comparison 

The experimental results reveal substantial improvements over traditional construction management approaches across 

multiple performance metrics. The 25% improvement in resource allocation accuracy surpasses previous research 

findings with Su et al. reporting only 12% improvements using conventional automated valuation models[13]. The 

proposed framework's ability to achieve 94.8% accuracy in object detection significantly exceeds the 57% accuracy 

reported by classical HOG+SVM approaches, demonstrating the superiority of deep learning techniques in BIM 

applications[6]. 

The integration of predictive analytics with BIM data enables proactive decision-making capabilities that were previously 

unavailable in traditional systems. The 18% reduction in project delays achieved through intelligent scheduling algorithms 

represents a significant advancement over existing methods which typically focus on reactive problem-solving rather than 

predictive optimization[4]. These findings align with industry trends toward digital transformation in construction, 

supporting the adoption of intelligent automation technologies. 
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Figure 6: Performance Analysis and Comparison: Proposed Framework vs Previous Methods 

5.2 Technological Innovation and Contribution 

The research introduces several novel technological contributions to the construction management domain. The multi-

layered architecture combining BIM data processing with machine learning analytics represents a significant 

advancement in intelligent construction systems. The framework's ability to process IFC data automatically and generate 

optimized resource allocation decisions addresses a critical gap identified in previous research[9]. 

The implementation of real-time optimization capabilities through genetic algorithms provides dynamic adaptation to 

changing project conditions, a feature lacking in existing BIM-based systems. The integration of LSTM networks for 

sequential data analysis enables sophisticated pattern recognition in construction processes, contributing to improved 

prediction accuracy and enhanced decision-making capabilities[2]. These innovations collectively advance the state-of-

the-art in intelligent construction management systems. 

5.3 Industry Implications and Practical Applications 

The research findings have significant implications for construction industry practices and digital transformation 

initiatives. The demonstrated cost reduction of 15.2% through optimized resource allocation provides strong economic 

incentives for industry adoption of intelligent construction management systems. The 40% reduction in manual 

intervention requirements addresses ongoing challenges related to skilled labor shortages and human error in construction 

projects. 

The framework's compatibility with existing BIM platforms through IFC standards ensures practical implementation 

feasibility for construction organizations. The ability to achieve real-time optimization with processing times below 50 

milliseconds enables integration with existing project management workflows without significant operational disruptions. 

These practical considerations support widespread industry adoption and implementation of the proposed technologies. 

https://ijarcce.com/
https://ijarcce.com/


ISSN (O) 2278-1021, ISSN (P) 2319-5940  IJARCCE 

International Journal of Advanced Research in Computer and Communication Engineering 

Impact Factor 8.471Peer-reviewed & Refereed journalVol. 14, Issue 5, May 2025 

DOI:  10.17148/IJARCCE.2025.14594 

© IJARCCE                This work is licensed under a Creative Commons Attribution 4.0 International License                 686 

 

Figure 7: Advancing Construction Industry Practices through Intelligent Resource Optimization and Real-Time BIM 

Integration 

5.4 Comparative Analysis with Existing Research 

Comparative analysis with existing literature reveals the superior performance of the proposed framework across multiple 

dimensions. While previous research by Gehring et al. focused on resource-constrained project scheduling with limited 

automation capabilities[14], the current research provides comprehensive automation through machine learning 

integration. The deep learning implementation for clash detection achieved 95.7% accuracy, significantly exceeding the 

53.33% improvements reported in traditional scan-to-BIM applications[11]. 

The multi-objective optimization approach addresses limitations identified in existing research where single-objective 

functions failed to capture the complexity of real-world construction projects[15]. The integration of predictive analytics 

with optimization algorithms provides a holistic approach to construction management that surpasses previous fragmented 

solutions focusing on individual project aspects. 

5.5 Validation and Reliability Assessment 

The validation methodology employed in this research ensures robust and reliable findings through multiple validation 

approaches. Cross-validation techniques for machine learning models prevent overfitting and ensure generalizability to 

unseen construction projects. The use of real-world datasets from established sources provides credible validation of the 

proposed methodologies[10]. 

Statistical significance testing confirms the reliability of observed improvements with p-values below 0.05 for all major 

performance metrics. The case study validation using a large-scale construction project provides practical evidence of the 

framework's effectiveness in real-world applications. These validation approaches collectively establish confidence in the 

research findings and support their applicability to diverse construction environments. 

5.6 Scalability and Future Enhancement Opportunities 

The proposed framework demonstrates excellent scalability potential for application to diverse construction project types 

and scales. The modular architecture enables selective implementation of framework components based on specific 

project requirements and organizational capabilities. The machine learning models show consistent performance across 

different project sizes, indicating robust scalability characteristics. 

Future enhancement opportunities include integration with Internet of Things (IoT) sensors for real-time data collection, 

implementation of blockchain technology for secure data management and expansion to infrastructure and specialized 
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construction domains. The framework's foundation provides a solid base for incorporating emerging technologies and 

adapting to evolving industry requirements. 

6. LIMITATIONS 

While the proposed framework demonstrates significant improvements in construction resource management and 

workforce optimization, several limitations must be acknowledged to provide a balanced assessment of the research 

contributions and guide future development efforts. 

The research scope is primarily limited to building construction projects and the findings may not be directly applicable 

to infrastructure projects, specialized construction domains, or unique project environments with significantly different 

characteristics. The framework's performance depends heavily on the availability of high-quality historical data for 

machine learning model training which may not be readily available for all construction organizations particularly smaller 

firms with limited digital records. 

The validation studies while comprehensive, were conducted within specific geographical and regulatory contexts, 

potentially limiting the generalizability of findings to different construction markets with varying practices, regulations 

and cultural factors. The framework assumes standardized BIM data formats and consistent data quality which may not 

reflect the reality of many construction projects where data standardization remains a significant challenge. 

7. CONCLUSION 

This research successfully developed and validated an intelligent framework integrating machine learning and deep 

learning techniques with BIM for enhanced resource and workforce management in construction projects. The proposed 

system achieved significant improvements across multiple performance metrics including 25% enhancement in resource 

allocation accuracy, 18% reduction in project delays and 15.2% cost reduction compared to traditional approaches. 

The framework's multi-layered architecture effectively combines BIM data processing capabilities with advanced 

analytics, enabling predictive decision-making and automated optimization of construction processes. The 

implementation of SVM, Random Forest, CNN and LSTM algorithms provides comprehensive coverage of construction 

management challenges, from risk assessment to progress monitoring and resource optimization. 

The experimental validation using real-world datasets and case studies confirms the practical applicability and 

effectiveness of the proposed methodologies. The achievement of 94.8% accuracy in clash detection and 92.1% accuracy 

in risk classification demonstrates the superior performance of intelligent systems over traditional rule-based approaches. 

The 40% reduction in manual intervention requirements indicates significant potential for automation in construction 

management processes. 

The research contributes to the advancement of digital transformation in the construction industry by providing a validated 

framework for intelligent construction management. The integration of predictive analytics with BIM data addresses 

critical gaps in existing literature and provides practical solutions for industry practitioners seeking to improve project 

efficiency and reduce costs. 

8. FUTURE SCOPE 

Future research directions should focus on expanding the framework's applicability to infrastructure and specialized 

construction domains, developing enhanced integration capabilities with emerging technologies such as IoT and 

blockchain and implementing more sophisticated optimization algorithms for complex multi-objective construction 

problems. 

The integration of real-time sensor data and augmented reality visualization could further enhance the framework's 

capabilities and provide immersive interfaces for construction management decision-making. Investigation of federated 

learning approaches could enable collaborative model training across multiple construction organizations while 

preserving data privacy and competitive advantages. 

Additional research should address the scalability challenges for large-scale implementation and develop standardized 

protocols for data exchange and integration across diverse BIM platforms and construction management systems. 
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