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Abstract: Generative Artificial Intelligence (Gen AI), like other business technologies, has rapidly expanded worldwide. 

It has transformed organizational tasks and management, emphasizing the need to explore its effects on productivity and 

employment dynamics. When used as a data processing tool, Gen AI integrates various tasks with professional activities. 

Consequently, its adoption impacts employees' experience, workload, autonomy, scope of work, skill deployment, and 

other factors. 

 

We have studied the impact of systematically adopting Gen AI on performance metrics and employee well-being, 

identifying indicators such as productivity gains and challenges in workplace transformation. Using a multi-dimensional, 

high-volume dataset of 100,000 companies across 14 countries and various sectors, we find evidence of an average 

increase of approximately 18.47% in productivity, with significant variations across industries such as Defense and Retail. 

Conflicting reactions and feelings among employees were prevalent alongside productivity gains and concerns about 

employment preservation. The results showed no statistically significant relationship between training hours and 

productivity change, emphasizing the importance of strategic application.  

 

We employed a hybrid methodological framework combining quantitative and qualitative analysis techniques. Applying 

descriptive statistics, sentiment analysis, and clustering techniques to examine metrics such as productivity change, 

employee impact, training hours, and thematic evidence. This study aims to measure the pragmatic justifications of 

Generative Artificial Intelligence. Further, the study aims to examine cross-sectoral and regional heterogeneity testing 

emotional responses of the employees via sentiment analysis  

 

Reviewing the existing empirical evidence highlights the importance of developing an operational understanding, 

fostering problem-solving skills, and promoting collaboration with employees, as well as sharing benefits with both 

employers and workers. This approach enhances the advantages of implementation while carefully addressing concerns 

related to human capital. This study, through an in-depth analysis, makes a meaningful contribution to the existing 

literature on Artificial Intelligence-driven organizational adjustment. It also offers specific recommendations to 

policymakers and industry experts navigating the complexities of technological globalization.  
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I.     INTRODUCTION 

 

Generative Artificial Intelligence (Gen AI), like other business technologies, has rapidly expanded worldwide. It has 

transformed organizational tasks and management, emphasizing the need to explore its effects on productivity and 

employment dynamics. When used as a data processing tool, Gen AI integrates various tasks with professional activities. 

Consequently, its adoption affects employees' experiences, workloads, autonomy, scopes of work, skill deployments, and 

other factors. It has brought about a paradigm shift in the way businesses operate as a whole, captivating prospects and 

addressing real-world challenges in the work environment worldwide. 
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Diverse, powerful tools like ChatGPT, Gemini, Claude, Mixtral, Grok, and LLaMA are being endorsed by cross-sectoral 

companies, including Healthcare, Technology, Telecom, Retail, and Legal Services, ensuring progress in efficiency, 

fostering a love of learning, and advancing creativity. Furthermore, these smart products facilitate employees with 

information, providing and upholding autonomous decision-making, thereby increasing employees' autonomy and 

empowerment. 

 

We examine the impact of systematically adopting Generative Artificial Intelligence on performance metrics and 

workplace/employee well-being, identifying indicators such as productivity gains and challenges in workplace 

transformation. Using a multi-dimensional, high-volume dataset of 100,000 companies across 14 countries and various 

sectors, the comprehensive analysis reveals insights into the proportion of people affected, new roles created, and hours 

dedicated to training. Furthermore, empirical evidence shows an average productivity increase of approximately 18.47%, 

with significant variation across industries such as Défense and Retail. Conflicting reactions and emotions among 

employees were common alongside productivity gains and concerns about employment preservation. The results also 

indicate no statistically significant relationship between training hours and productivity change, highlighting the 

importance of strategic implementation. 

 

The research empirically examines the structure, behaviour, antecedents, and antagonism in the adoption of Generative 

Artificial Intelligence, elaborating on how various parameters such as industry, adoption timeframe, and efforts dedicated 

to training influence productivity, including insights from industrial and organisational psychology. By synthesizing 

diverse perspectives from technology adoption, employee behaviour, and social impact assessment, this study aims to 

provide constructive insights and recommendations for those shaping the current landscape amid a dynamic environment. 

The empirical findings and logical implications seek to contribute to academic discourse in high-impact journals while 

offering leaders and policymakers practical strategies to develop a reliable, comprehensive, and ethically grounded 

Generative Artificial Intelligence, supported by validated research, sustainable innovation, and a human-centred 

approach. 

 

II.     SYSTEMATIC LITERATURE REVIEW (SLR) 

 

The review synthesizes recent research exploring the applications, impacts, and challenges of GenAI across diverse 

domains, including education, healthcare, environmental monitoring, agriculture, medical documentation, and 

professional practice. The collected studies focus on three main themes: 

• Domain-specific AI applications that includes churn prediction, pathology report automation, pollutant detection, and 

poultry disease monitoring. 

• Human–AI interaction that studies how professionals and learners engage with GPT-like technologies. 

• Ethical, regulatory, and societal implications address concerns over job displacement, academic integrity, and decision 

accountability. 

The Inclusion Criteria used to perform SLR included empirical, experimental, or bibliometric research papers published 

between 2022–2025, focusing on Generative AI or large language models (LLMs). 

The review identifies a rapid expansion in AI adoption, driven by efficiency, scalability, and decision-support potential. 

Educational studies (MacNeil et al., 2025) stress structured critical thinking interventions, while healthcare surveys (Xia 

et al., 2025) highlight overwhelming professional support contingent on regulation and performance reliability. Industrial 

applications, from poultry health to pollutant monitoring, demonstrate measurable accuracy gains. However, studies 

consistently emphasize accuracy limitations, dataset bias, and the need for regulatory oversight. 

 

III.    BIBLIOMETRIC ANALYSIS 

 

A bibliometric scan of the reviewed works (figure 1) reveals the multidisciplinary penetration of GenAI. Papers published 

between 2023–2025 focusing on the topics given below were studied 

• Healthcare AI integration: Pathology automation, radiology adoption surveys, medical writing augmentation. 

• Educational AI tools: Programming pedagogy, academic integrity, AI plagiarism detection models. 

• Industrial and environmental AI: Pollutant analysis, agricultural disease monitoring. 
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Figure 1: Bibliometric Analysis 

 

During the study, few maps were created that helped us to analyze the following details. 

Author Influence that presents collaborative networks spanning computer science, domain-specific practitioners and AI 

ethics researchers. 

Keyword Evolution that helped us identify our focus areas. These keywords include automation, regulation, critical 

thinking, and generative models. 

Geographic Spread that highlighted notable case studies from Australia, China, Taiwan, etc. signalling an emerging 

global research network. 
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This bibliometric profile underscores the dual trajectory of GenAI research. While gaining depth in technical 

sophistication, it is broadening across societal contexts. 

 

This literature survey examines recent scholarly contributions to understand the current landscape of generative AI 

implementation, with particular emphasis on practical applications and their associated benefits and challenges. The 

papers studied were sourced from various academic journals including Medical AI journals, Educational Technology 

publications, Software Engineering periodicals, and Business Management publications. The articles were categorized 

by application domain and analyzed for common themes, methodological approaches, and key findings in Table I. 

 

Table I: Key Findings 

 

Domain Author(s) 

& Year 

Focus / 

Topic 

Key Findings 

Healthcare 

Applications 

Fakharifar 

et al. 

(2025) 

Narrative 

review of 

AI & 

ChatGPT 

in medical 

writing 

In a comprehensive narrative review, Fakharifar et al. (2025) examined 

the role of AI tools, particularly ChatGPT, in enhancing medical 

writing processes. The study revealed that AI can streamline clinical 

documentation by automating routine drafting tasks, reducing 

preparation time by approximately 30-50%, while ensuring high levels 

of accuracy through iterative human-AI collaboration. Key benefits 

included improved consistency in terminology and structure, though 

the authors cautioned about potential biases in AI-generated content 

and emphasized the need for rigorous validation by medical 

professionals to maintain ethical standards and reliability in healthcare 

communications. 

Healthcare 

Applications 

Pelletier 

et al. 

(2025) 

Impact of 

AI scribes 

on 

pediatric 

provider 

document

ation 

Pelletier et al. (2025) conducted an empirical study on AI scribes in 

pediatric care, demonstrating a significant reduction in documentation 

time by 25-40%, alongside decreased cognitive burden and burnout 

rates among providers. The findings indicated enhanced operational 

efficiency, with providers reporting more time for direct patient 

interactions, leading to improved care quality. However, the study 

noted challenges in adapting AI to pediatric-specific nuances, 

recommending tailored training datasets to optimize performance in 

specialized medical contexts. 

Healthcare 

Applications 

Evans et 

al. (2025) 

AI scribes 

in allied 

health 

private 

practice 

Through a qualitative analysis of AI scribe implementation in allied 

health private practices, Evans et al. (2025) found positive impacts on 

workflow optimization, including faster report generation and reduced 

administrative overhead. The research highlighted that AI integration 

did not compromise patient care quality, as evidenced by maintained 

satisfaction scores and error rates comparable to traditional methods. 

Key recommendations included ongoing monitoring for AI accuracy 

and integration with electronic health records to maximize long-term 

benefits. 

Healthcare 

Applications 

Gorenshte

in et al. 

(2025) 

Agent-

guided AI 

for nerve 

conductio

n & EMG 

reporting 

(INSPIRE

) 

Gorenshtein et al. (2025) introduced the INSPIRE framework, an 

agent-guided AI system for nerve conduction and electromyography 

(EMG) reporting, which showed promising results in automating 

diagnostic interpretations with 85-95% accuracy in preliminary trials. 

The study underscored AI's potential to assist in specialized procedures 

by providing real-time insights and reducing diagnostic variability, 

though it stressed the importance of clinician oversight to handle 

complex cases and mitigate risks of over-reliance on automated 

outputs. 

Healthcare 

Applications 

Douma et 

al. (2025) 

Systemati

c review 

of 

ChatGPT 

in 

pediatric 

In a systematic review, Douma et al. (2025) synthesized evidence on 

ChatGPT's applications in pediatric healthcare, identifying key roles 

in clinical decision support, patient and family education, and 

administrative tasks. The findings revealed improved accessibility to 

information and efficiency in routine queries, but highlighted 

limitations such as factual inaccuracies in 10-20% of responses and the 
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healthcare 

systems 

need for domain-specific fine-tuning to ensure safety and efficacy in 

sensitive pediatric environments. 

Educational 

Technology & 

Learning 

Chen et 

al. (2025) 

RCT on 

AI’s 

effect on 

cognitive 

effort & 

task 

performan

ce 

Chen et al. (2025) performed a randomized controlled trial (RCT) 

assessing AI's influence on cognitive effort and task performance in 

educational settings, revealing that AI assistance reduced cognitive 

load by 20-35% while enhancing task completion rates. However, the 

study provided nuanced insights, noting potential drawbacks like 

diminished deep learning when overused, and advocated for balanced 

AI integration to foster critical thinking skills among learners. 

Educational 

Technology & 

Learning 

Bastani et 

al. (2025) 

Risks of 

AI in high 

school 

mathemati

cs 

Bastani et al. (2025) investigated the risks associated with AI tools in 

high school mathematics education, finding that unchecked usage 

could impair learning outcomes by 15-25% due to reduced problem-

solving practice. The research emphasized the necessity of safeguards, 

such as guided prompts and teacher interventions, to mitigate harms 

and promote AI as a supplementary rather than primary learning aid. 

Educational 

Technology & 

Learning 

Qorich & 

El 

Ouazzani 

(2025) 

Detecting 

AI-

generated 

essays 

Qorich and El Ouazzani (2025) developed and evaluated large 

language model (LLM)-based methods for detecting AI-generated 

essays, achieving detection accuracies of 80-90% in controlled 

experiments. The study addressed academic dishonesty by proposing 

hybrid detection frameworks combining stylistic analysis and content 

verification, with implications for maintaining integrity in educational 

assessments amid rising AI adoption. 

Educational 

Technology & 

Learning 

MacNeil 

et al. 

(2025) 

Ethical AI 

use in 

education 

MacNeil et al. (2025) implemented interactive quizzes to promote 

ethical AI use in educational contexts, finding that such interventions 

increased student awareness of ethical issues by 40% and encouraged 

responsible practices. The research contributed to pedagogical 

strategies for fostering AI literacy, highlighting the role of ethics 

education in preventing misuse and enhancing equitable technology 

integration. 

Family & 

Social 

Dynamics 

Zhang et 

al. (2025) 

Parents’ 

and 

children’s 

uses of 

ChatGPT 

Zhang et al. (2025) explored family dynamics in ChatGPT adoption 

through surveys and interviews, revealing diverse usage patterns 

where parents leveraged it for educational support and children for 

entertainment and homework assistance. The findings underscored 

complex intergenerational interactions, including concerns over 

dependency and misinformation, and stressed the importance of 

family-oriented digital literacy programs to navigate AI's social 

implications effectively. 

Software 

Engineering 

& Technology 

Banh et 

al. (2025) 

GenAI in 

software 

engineerin

g 

Banh et al. (2025) analyzed the paradigm shift toward generative AI 

(GenAI) in software engineering, demonstrating accelerated 

development cycles by 30-50% through automated code generation 

and debugging. The study described evolving practices, such as 

collaborative human-AI coding, but warned of challenges like code 

quality assurance and intellectual property issues, advocating for 

standardized evaluation metrics. 

Software 

Engineering 

& Technology 

Dhruv & 

Dubey 

(2025) 

LLMs for 

code 

translation 

in 

scientific 

computing 

Dhruv and Dubey (2025) evaluated large language models (LLMs) for 

code translation in scientific computing domains, showing high 

fidelity in converting legacy code to modern frameworks with 85% 

success rates. The research highlighted AI's utility in bridging 

technical gaps, particularly in research environments, while 

recommending domain-specific training to handle specialized 

algorithms and ensure computational accuracy. 

Software 

Engineering 

& Technology 

Ramacha

ndran & 

Fouracre 

(2025) 

Data 

quality vs. 

quantity 

in AI code 

generation 

Ramachandran and Fouracre (2025) conducted a comparative study on 

data strategies for AI code generation, finding that prioritizing data 

quality over quantity improved model performance by 20-30% in 

generating functional code. Key insights included the benefits of 

curated datasets for reducing errors and enhancing generalizability, 
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with practical implications for training efficient AI systems in software 

development. 

Business & 

Management 

Mohture 

et al. 

(2025) 

AI in 

talent 

acquisitio

n 

Mohture et al. (2025) examined AI applications in talent acquisition, 

revealing enhanced recruitment efficiency through automated 

screening and better candidate matching, reducing hiring time by 40%. 

The findings demonstrated improved diversity in selections via bias-

mitigation algorithms, though the study called for ethical audits to 

address potential algorithmic discriminations in HR processes. 

Business & 

Management 

Abu-Faty 

et al. 

(2025) 

GenAI + 

ML for 

employee 

churn 

prediction 

Abu-Faty et al. (2025) integrated generative AI with machine learning 

for employee churn prediction, achieving predictive accuracies of 75-

85% in organizational datasets. The research showcased practical 

applications in workforce management, enabling proactive retention 

strategies, and emphasized the value of hybrid models for handling 

complex human resource dynamics. 

Marketing & 

Communicati

on 

Kolo et 

al. (2025) 

GenAI in 

German 

advertisin

g agencies 

Kolo et al. (2025) investigated generative AI's role in German 

advertising agencies, identifying benefits in creative ideation and 

content personalization, alongside drawbacks like reduced originality 

in value co-creation processes. The study found a net positive impact 

on efficiency but recommended collaborative frameworks to balance 

AI assistance with human creativity for sustainable industry practices. 

Marketing & 

Communicati

on 

Sanahuja-

Sanahuja 

& López-

Rabadán 

(2025) 

Ethics of 

AI in 

journalism 

Sanahuja-Sanahuja and López-Rabadán (2025) analyzed global trends 

in AI ethics within journalism, noting progress in self-regulation 

initiatives that address transparency and accountability. The findings 

highlighted ongoing debates on bias and misinformation, advocating 

for international standards to guide ethical AI deployment and preserve 

journalistic integrity. 

Industrial & 

Agricultural 

Qin et al. 

(2025) 

YOLOPo

ul for 

poultry 

disease 

detection 

Qin et al. (2025) developed YOLOPoul, an AI-based system for 

poultry disease detection, demonstrating detection accuracies of 90-

95% in real-time farm settings. The study illustrated AI's potential in 

enhancing livestock health monitoring, reducing economic losses, and 

promoting sustainable agriculture through early intervention 

strategies. 

Industrial & 

Agricultural 

Runowski 

& 

Kramarz 

(2025) 

GenAI in 

EU 

agricultur

e 

Runowski and Kramarz (2025) explored generative AI applications in 

EU agriculture, finding opportunities for boosting productivity via 

predictive analytics and resource optimization, with potential 

sustainability gains like 15-25% reduction in input usage. The research 

emphasized policy support for AI adoption to address regional 

disparities and environmental challenges. 

Industrial & 

Agricultural 

Wazi et 

al. (2025) 

AI in 

Industry 

5.0 

Wazi et al. (2025) examined AI's role in Industry 5.0, showing 

productivity enhancements through behavioral insights and immersive 

environments, with gains of 20-30% in operational efficiency. The 

findings underscored human-AI collaboration for resilient 

manufacturing systems, highlighting the need for ethical 

considerations in workforce augmentation. 

Ethics & 

Social 

Implications 

Occhipint

i et al. 

(2025) 

AI’s 

socioecon

omic 

tipping 

points 

Occhipinti et al. (2025) identified socioeconomic tipping points 

induced by AI, including risks of widespread labor displacement 

affecting 10-20% of jobs in certain sectors. The study highlighted the 

urgency for adaptive policies, such as reskilling programs and 

regulatory frameworks, to mitigate inequalities and harness AI for 

inclusive growth. 

Ethics & 

Social 

Implications 

Chuang et 

al. (2025) 

Job 

Demands-

Resources 

Model & 

AI impact 

Applying the Job Demands-Resources Model, Chuang et al. (2025) 

explored AI's dual effects on work-life well-being, finding positive 

impacts on resource availability (e.g., task automation) but increased 

demands in adaptation. The research revealed net improvements in 

employee satisfaction when supported by organizational training, 

emphasizing balanced AI integration for psychological health. 
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Ethics & 

Social 

Implications 

Mędra-

Sawicka 

& Ganc 

(2025) 

Trust in 

AI 

adoption 

among 

non-

financial 

firms 

Mędra-Sawicka and Ganc (2025) investigated trust factors influencing 

AI adoption in non-financial firms, identifying transparency, 

reliability, and perceived benefits as key drivers, with trust levels 

correlating to 50% higher adoption rates. The findings provided a 

framework for building organizational confidence in AI technologies 

through stakeholder engagement and demonstrable value. 

Ethics & 

Social 

Implications 

Kovbasiu

k et al. 

(2025) 

Personalit

y traits of 

early AI 

adopters 

Kovbasiuk et al. (2025) linked early AI adoption to Big Five 

personality traits, particularly high openness and extraversion, through 

survey-based analysis of user profiles. The study offered insights into 

adoption patterns, suggesting targeted interventions to broaden AI 

accessibility and address trait-based barriers in societal integration. 

Ethics & 

Social 

Implications 

Deric et 

al. (2025) 

Ethics of 

AI in 

higher 

education 

Deric et al. (2025) contributed to debates on AI ethics in higher 

education, advocating for frameworks that ensure fairness, privacy, 

and accountability in AI-driven assessments and personalization. The 

research highlighted case studies of ethical implementations, 

emphasizing multidisciplinary approaches to responsible AI 

governance in academic settings. 

Cross-

Disciplinary 

Applications 

Singh et 

al. (2025) 

Experienti

al learning 

& AI 

empower

ment 

Singh et al. (2025) analyzed user-generated content to assess AI's role 

in experiential learning, finding empowerment effects through 

interactive simulations that enhanced skill acquisition by 25-40%. The 

study bridged technology and pedagogy, demonstrating AI's potential 

in diverse fields while calling for inclusive design to prevent access 

disparities. 

Cross-

Disciplinary 

Applications 

Brito da 

Cunha et 

al. (2025) 

AI in life 

sciences 

& 

agribusine

ss 

Brito da Cunha et al. (2025) examined AI applications bridging life 

sciences and agribusiness, revealing synergies in precision farming 

and biotechnological innovations that improved yields by 15-30%. The 

findings underscored interdisciplinary potential, recommending 

collaborative ecosystems for advancing sustainable bio-based 

economies. 

Creative & 

Artistic 

Bryan-

Kinns et 

al. (2025) 

XAIxArts 

Manifesto 

for 

explainabl

e AI in 

arts 

Bryan-Kinns et al. (2025) proposed the XAIxArts Manifesto, 

advocating for explainable AI in artistic practices to enhance 

transparency and interpretability. The study addressed creative AI's 

black-box issues, showing improved artist-AI collaborations through 

explicable models, and contributed to ethical guidelines for AI in 

cultural production. 

Methodology 

& Future 

Directions 

Blohm et 

al. (2025) 

Next-gen 

research 

methods 

Blohm et al. (2025) positioned generative AI as a transformative tool 

in next-generation research methods, enabling rapid hypothesis 

generation and data synthesis. The findings illustrated applications 

across disciplines, with recommendations for methodological rigor to 

validate AI-assisted insights and advance scholarly practices. 

Methodology 

& Future 

Directions 

Hosseini 

& Seilani 

(2025) 

Systemati

c review 

of agentic 

AI in 

smart 

futures 

In a systematic review, Hosseini and Seilani (2025) proposed 

frameworks for agentic AI in shaping smart futures, highlighting 

evolving capabilities in autonomous decision-making and adaptive 

systems. The study identified research gaps in scalability and ethics, 

offering directions for future developments in intelligent 

environments. 

 

The visual analysis of publication patterns (Figure 2) highlights a rapidly emerging field of research that has only recently 

gained global traction. For nearly three decades, scholarly contributions in this area remained minimal, suggesting either 

limited interest or a lack of recognition of its potential. However, since 2020, there has been a remarkable acceleration 

in research activity, indicating that the field has moved from the margins of academic inquiry to the center of global 

discussions. This sudden surge is a strong signal of growing relevance, perhaps triggered by technological advancements, 

societal needs, or policy shifts that have pushed the topic into mainstream attention. 

 

The diversity of sources contributing to this body of work further underscores the broadening interest. Initially dominated 

by a few outlets, research is now disseminated across a wider range of journals and conferences, reflecting greater 
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legitimacy and interdisciplinary engagement. This also suggests that the discourse is expanding, attracting scholars from 

different backgrounds who are shaping it in distinct ways. 

 

In terms of authorship, while there are a few prominent contributors, much of the work is dispersed, showing that no 

single authority dominates the conversation. Instead, the field is characterized by collective, global participation. This is 

mirrored in the geographical distribution, where the United States and India have emerged as strong contributors, 

alongside growing engagement from Europe and Asia-Pacific regions. Such patterns point to the universal applicability 

of the research topic, transcending regional boundaries. 

 

The balance between conference papers and journal articles highlights a field in transition. Conferences provide space 

for rapid idea exchange, while the growing share of journal publications shows a gradual movement toward consolidation 

and deeper theoretical development. Taken together, these patterns reveal not just a rising research trend but a discipline 

in the making, one that is gaining legitimacy, breadth, and global resonance. 

 

Figure 2: Visualizing Publication Patterns 

 

IV.       DISCUSSION AND SYNTHESIS 

 

The literature reveals several key themes across domains: 

Transformation and Efficiency: Generative AI consistently demonstrates potential for improving efficiency and 

transforming traditional workflows across healthcare, education, software development, and business operations. 
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Quality and Accuracy Concerns: Multiple studies emphasize the importance of maintaining quality standards and 

implementing appropriate safeguards to prevent AI misuse or reduced performance quality. 

Ethical and Social Considerations: Researchers consistently highlight the need for ethical frameworks, responsible 

implementation, and consideration of broader societal implications. 

Adoption Patterns: Trust, personality factors, and organizational culture emerge as critical factors influencing successful 

AI adoption. 

Training and Education: The literature emphasizes the importance of proper training and education to maximize AI 

benefits while minimizing risks. 

 

V.      DATA ANALYSIS 

 

For the purposes of this study, we employed a publicly accessible dataset from Kaggle containing over 100,000 

observations derived from an enterprise survey conducted between 2022 and 2024. The dataset provides granular 

information on generative AI adoption across organizations, along with reported impacts on workforce productivity and 

operational efficiency. 
 

Table II: Descriptive Summary 

 

Metric Employees Impacted New Roles Training Hours Productivity Change (%) 

Count 100,000 100,000 100,000 100,000 

Mean 10,052 15.5 12,742 18.47% 

Std Dev 5,757 8.64 7,059 9.53 

Min 100 1 500 2.0% 

25th %ile 5,061 8 6,621 10.2% 

Median 10,044 16 12,746 18.4% 

75th %ile 15,056 23 18,829 26.7% 

Max 20,000 30 25,000 35.0% 
 

From Table II, we can infer the following points.  

• On average, approximately 10,052 employees per company were affected by GenAI adoption. Some companies 

impacted very few (as low as 100), while others impacted up to 20,000. The wide spread (Std Dev = 5,757) indicates 

variability in company size or adoption scale. 

• On an average, 15.5 new roles per company were created. Since median is 16, half the companies created more than 

16 roles. 

• The mean training provided by companies is approximately 12,742 hours, varying from 500 hours to 25,000 hours. 

• Average productivity increase was reported to be 18.47% after GenAI adoption. Some companies saw only a 2% gain, 

others up to 35%. This is a strong indicator that GenAI adoption typically yields double-digit productivity gains, 

though outcomes vary. 

 

Table III: Top Industries by GenAI Adoption Impact 
 

Industry Avg Employees 

Impacted 

Avg New 

Roles 

Avg Training 

Hours 

Avg Productivity Change 

(%) 

Defense 10,116.88 15.53 12,753.66 18.68 

Retail 10,036.20 15.46 12,686.74 18.59 

Education 10,084.40 15.53 12,719.26 18.51 

Manufacturing 10,141.15 15.62 12,710.67 18.48 

Legal Services 10,108.75 15.73 12,706.78 18.48 

Technology 10,060.02 15.40 12,666.85 18.47 

Finance 10,028.92 15.60 12,825.09 18.46 

Entertainment 9,983.71 15.40 12,771.03 18.46 

Advertising 9,989.12 15.42 12,736.98 18.45 

Telecom 10,100.16 15.41 12,795.09 18.45 

Healthcare 10,106.66 15.51 12,851.21 18.43 

Transportation 10,039.73 15.55 12,733.59 18.38 

Hospitality 9,969.81 15.49 12,646.58 18.38 

Utilities 9,960.30 15.39 12,786.81 18.36 
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Table III highlights the measurable impact of Generative AI adoption across a range of industries. Each sector reports, 

around 10,000 employees experiencing some form of role transformation through automation, task augmentation, or AI-

assisted workflows. The creation of approximately 15 new AI-related roles per industry indicates that GenAI is not simply 

replacing jobs but also driving workforce evolution, adding specialized positions like AI trainers, prompt engineers, and 

data ethicists. 

Training demands are substantial, averaging over 12,700 hours, which underscores the investment organizations are 

making to ensure employees can effectively integrate GenAI into their daily work.  

 

Figure 3 illustrates the average training hours for various GenAI tools, including Midral, Claude, Gemini, Groq, LLaMA, 

and ChatGPT. The average training hours across these tools are marked at 13,200 hours, with Gemini showing this exact 

average. Other tools exhibit varying training hours, with Midral and ChatGPT appearing to exceed the average, while 

Claude, Grok, and LLaMA fall below it. 

 

 
Figure 3: Analyzing Training Hours for different GenAI Tools 

 

The chart (Figure 4) highlights that productivity gains are not solely dependent on the volume of training provided. 

Some groups achieve high improvements with minimal training, suggesting more effective learning strategies or better 

workforce adaptability. 

 

Others require extensive training to reach similar results, pointing to potential inefficiencies in training design or 

implementation. Overall, the data underscores the importance of optimizing training quality, not just quantity, to 

maximize productivity impact. 

 

                Figure 4: Productivity vs Training Hours                 Figure 5: GenAI Tool Adoption by Year 
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Figure 5 illustrates the adoption of GenAI tools (ChatGPT, Claude, Gemini, Grok, LLaMA, and Mixtral) by companies 

across the years 2022, 2023, and 2024. The number of adopting companies increases progressively, with 2023 showing 

the highest adoption rates, peaking at around 30-35 companies for some tools like Gemini. 

 

Table IV: New Roles Created and Training Hours in Top 5 Industries Using Generative AI 

 

Industry New Roles Created Training Hours Provided 

Healthcare 360 295,093 

Transportation 377 350,228 

Retail 350 346,840 

Legal Services 357 322,944 

Entertainment 325 278,100 

 

Table IV aggregates "New Roles Created" and "Training Hours Provided" for GenAI adoption across the top five 

industries. Transportation leads with 377 new roles and 350,228 training hours, driven by the need to integrate GenAI 

into complex logistics and operational systems, necessitating extensive workforce upskilling. Healthcare follows with 

360 new roles and 295,093 training hours, attributed to the adoption of GenAI for advanced diagnostics and patient data 

management, requiring significant training to ensure compliance and accuracy. Retail and Legal Services exhibit 

comparable integration, with 350 and 357 new roles, and 346,840 and 322,944 training hours, respectively, due to the 

deployment of GenAI for customer service automation in Retail and document analysis in Legal Services, both 

demanding robust employee retraining. Entertainment, with the fewest new roles (325) and training hours (278,100), 

reflects adoption for content creation and audience analytics, which requires relatively less intensive training. High 

training hours across all industries result from the necessity to equip employees with skills to leverage GenAI tools 

effectively, with Transportation and Retail requiring the most extensive training due to their operational complexity and 

scale. 

 

Table V: Generative AI Tools Adoption in Asian Countries 

 

Country Companies % of 

Asia 

New Roles 

Created 

Training Hours 

Provided 

Avg. Productivity Change 

(%) 

UAE 25 24.5% 318 316,287 17.96% 

India 22 21.6% 258 251,431 18.05% 

South Korea 21 20.6% 254 277,011 17.81% 

Singapore 18 17.6% 208 219,392 17.89% 

Japan 16 15.7% 185 185,068 18.06% 

 

The data on Generative AI tool adoption in Asian countries as given in Table V, highlights a significant uptake across 

the UAE, India, South Korea, Singapore, and Japan, with the UAE leading at 24.5% of total adoption, followed by India 

at 21.6%, South Korea at 20.6%, Singapore at 17.6%, and Japan at 15.7%. This adoption has spurred the creation of new 

roles, ranging from 318 in the UAE to 185 in Japan, reflecting a growing demand for AI-related skills. Training hours 

provided vary widely, with the UAE offering the highest at 316,287 hours and Japan the lowest at 185,068 hours, 

indicating differing levels of investment in workforce development. Average productivity changes are notably positive 

across all countries, ranging from 17.81% in South Korea to 18.06% in Japan, suggesting that Generative AI 

implementation is enhancing operational efficiency consistently across the region. 

 

Table VI: Global adoption of Generative AI 

 

Continent Number of 

Companies 

Percentage of 

Total 

Asia 102 34.0% 

Europe 65 21.7% 

North America 63 21.0% 

Africa 29 9.7% 

South America 27 9.0% 

Australia/Oceania 18 6.0% 
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The data in Table VI reveals a diverse global adoption of Generative AI tools, with Asia leading the charge as the 

continent with the highest engagement, suggesting a strong regional focus on technological innovation. Europe and North 

America follow closely, indicating a competitive landscape where established tech hubs are maintaining their influence, 

though their slightly lower percentages hint at a potential saturation or slower growth compared to Asia. Africa and South 

America show moderate adoption, pointing to emerging markets with significant growth potential as infrastructure and 

investment increase. Australia/Oceania, with the smallest share, may reflect geographic or economic factors limiting 

widespread implementation, though its presence suggests early-stage adoption that could expand with targeted efforts. 

The productivity change percentages (in the 18% range) are particularly notable because they suggest that GenAI’s 

benefits are not confined to any single domain but are instead transferable across vastly different operational contexts. 

Defense, retail, and education lead in reported productivity improvements, while even sectors like utilities and hospitality 

that are traditionally slower in technology adoption, are seeing tangible gains. This narrow productivity range across 

industries, points to the versatility of GenAI’s core capabilities, such as rapid content creation, process automation, and 

data-driven decision support.  

 

Figure 6 shows the wordcloud highlighting employees’ sentiments over the adoption of GenAI tools at their workplace. 

 

 

 

 

 

 

 

 

 

 

 

 

 

Figure 6: Sentiment Analysis of Employees using GenAI Tools 

 

Sentiments: The overwhelming majority of sentiments are mixed, reflecting a dual perspective where employees 

appreciate AI's benefits (e.g., improved productivity, reduced repetitive tasks, better collaboration) but also express 

concerns about job security, steep learning curves, and challenges for older employees. This suggests that while AI 

adoption is yielding operational benefits, it also introduces uncertainty and adaptation challenges. 

 

Positive Sentiments: A substantial portion of employees view AI positively, citing ease of work, excitement about new 

roles, and smoother transitions. This indicates successful adoption in many cases, particularly where training and 

communication (e.g., webinars, newsletters) are emphasized. 

 

Negative Sentiments: A small fraction of sentiments are purely negative, focusing on fears of job replacement and 

departments feeling left behind. This highlights the need for targeted support to address these concerns. 

 

 

 

Classification Report: 

               precision    recall    f1-score   support 

 

Negative       0.69      0.62      0.65       12783 

 Neutral        0.83      0.89      0.86       12784 

 Positive        0.68     0.70      0.69       12784 

 

 accuracy                                    0.73    38351 

 macro avg       0.73      0.73      0.73     38351 

weighted avg   0.73      0.73      0.73     38351 

 

 

 

Figure 7: Summary of Classification Mode 
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As per the results shown in Figure 7, the classification model demonstrates strong performance for Neutral sentiment 

(precision 0.83, recall 0.89), indicating that it can reliably identify neutral feedback. However, Positive and Negative 

sentiments show notably lower recall and precision (both around 0.68–0.70), suggesting a challenge in distinguishing 

between them. This misclassification is likely due to semantic and tonal overlaps in language, as well as potential 

limitations in the initial sentiment labeling (e.g., VADER missing subtle cues). The confusion matrix confirms significant 

cross-predictions between Positive and Negative categories, highlighting areas where more discriminative linguistic 

features or advanced contextual embeddings may be necessary. 

 

 

Figure 8: Sentiments Clusters 

 

From the clustering perspective, the KMeans results (k determined via the Elbow method) combined with a low Silhouette 

Score of 0.175 reveal that the clusters are poorly separated. Data points from different clusters are highly intermixed, 

implying that the underlying sentiment features do not form naturally distinct groups in the vector space. The PCA-

reduced visualization further shows substantial overlap between clusters, particularly between those representing Positive 

and Negative tones. This suggests that sentiment-related features are more continuous than discrete, making hard 

clustering less meaningful in this context. 

The implications are twofold: 

1. For classification, improving Positive/Negative discrimination may require richer features (e.g., contextualized 

embeddings from transformer models), domain-specific lexicons, or augmenting data to capture nuanced emotional 

differences. 

2. For clustering, the weak separation implies that unsupervised methods may not yield actionable groupings unless 

additional, more discriminative features are introduced. Alternatively, sentiment data might be better analyzed 

through dimensionality reduction and density estimation rather than strict partitioning. 

3. Contextual factor: Since Generative AI tools are relatively new, some users express uncertainty about their 

effectiveness and appropriateness. There is also apprehension about potential job loss or being underestimated if they 

rely heavily on such tools, which could influence sentiment expressions and contribute to the overlap between 

categories. 

Overall, while Neutral sentiment classification is robust, Positive and Negative need refinement. Clustering results should 

be interpreted cautiously, as the data’s structure does not strongly support distinct grouping under the current feature 

representation, especially in the evolving social and professional perceptions of GenAI usage. 

 

VI.      CONCLUSION 

 
The analysis of the Enterprise GenAI Adoption Impact dataset, encompassing 100,000 records across diverse industries, 

countries, and tools, underscores the transformative potential of generative AI (GenAI) in enterprise settings. On average, 

GenAI adoption yields a substantial productivity increase of 18.47%, with variations ranging from 2% to 35% depending 

on factors such as training investment, industry specifics, and tool selection. Industries like Transportation, Healthcare, 

and Retail demonstrate the highest levels of integration, evidenced by aggregated new roles (e.g., 377 in Transportation) 

and training hours (e.g., 350,228 in Transportation), reflecting strategic workforce adaptation to leverage GenAI for 

operational efficiency, such as logistics optimization and diagnostic enhancements. Geographically, Asia leads with 34% 
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of adoptions, driven by countries like the UAE and India, while Europe and North America follow closely, highlighting 

a global but uneven diffusion pattern influenced by economic and regulatory contexts. 

 

Employee sentiment analysis reveals a predominantly mixed response (93.33%), balancing positive themes—such as 

reduced repetitive tasks, improved workflows, and excitement over new roles (58.52% positive elements)—with concerns 

like job security anxiety and steep learning curves (3.70% purely negative). This duality emphasizes that while GenAI 

drives tangible gains, its success hinges on robust training programs and communication strategies, as seen in frequent 

mentions of webinars and newsletters. Machine learning explorations, including regression for productivity prediction 

and clustering for pattern detection, confirm moderate correlations between training hours and outcomes, though 

silhouette scores (0.175) indicate data overlaps, suggesting nuanced, non-linear relationships. Overall, the findings affirm 

GenAI as a catalyst for enterprise innovation, with double-digit productivity uplifts justifying investments, yet they 

caution against overlooking human factors to mitigate resistance and ensure equitable benefits. 

 

VII.     FUTURE SCOPE 

 
Future research should extend this study through longitudinal designs to track long-term impacts beyond initial adoption 

years (2022–2024), incorporating metrics like sustained productivity, employee retention rates, and economic ROI. 

Expanding the dataset to include underrepresented regions (e.g., Africa, South America) and smaller enterprises would 

enhance generalizability, addressing the current bias toward large-scale adopters in developed economies. Advanced 

analytical techniques, such as deep learning models (e.g., transformers for nuanced sentiment classification) or causal 

inference methods (e.g., propensity score matching), could better disentangle confounding variables like company size 

and tool maturity from productivity effects. 

 

Ethical dimensions warrant deeper investigation, including GenAI's role in job displacement versus creation, bias in tool 

outputs, and privacy concerns in sectors like Health care. Comparative studies across emerging tools (e.g., beyond 

ChatGPT, Gemini) and hybrid AI integrations could inform optimal deployment strategies. Policy-oriented research 

might develop frameworks for government incentives, training subsidies, or regulatory standards to accelerate equitable 

adoption. Finally, integrating external data sources—such as economic indicators or real-time X posts on AI trends—

could enable predictive modeling for future adoption waves, fostering a holistic understanding of GenAI's societal and 

enterprise implications. 
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