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Abstract: Potato is one of the most important food crops worldwide, and its productivity is greatly affected by various 

plant diseases. Early and accurate detection of potato plant diseases is essential to reduce crop losses and improve 

agricultural yield. Traditional disease identification methods rely on manual observation by experts, which is time-

consuming, costly, and prone to human error. 

This project presents a Potato Plant Disease Classification system using a Convolutional Neural Network (CNN) to 

automatically identify diseases from leaf images. The proposed model is trained on a dataset containing images of healthy 

potato leaves and diseased leaves such as Early Blight and Late Blight. Image preprocessing techniques like resizing 

and normalization are applied to enhance model performance. The CNN model extracts important features from leaf 

images and classifies them accurately into respective disease categories. 

Experimental results show that the CNN-based approach achieves high accuracy and efficiency in disease classification. 

This system can help farmers and agricultural professionals in early disease detection, enabling timely treatment and 

reducing crop damage. The proposed solution demonstrates the potential of deep learning techniques in smart agriculture 

and precision farming. 

     I. INTRODUCTION 

Agriculture plays a crucial role in sustaining the economy and the livelihood of millions of farmers worldwide. Among 

various crops, potato is a widely consumed food crop whose productivity is significantly affected by leaf diseases such 

as Early Blight and Late Blight. These diseases can drastically reduce yield and quality if not detected at an early stage. 

Conventional disease identification relies on manual inspection by agricultural experts, which is time-consuming, costly, 

and prone to human error. Hence, there is a need for an automated, accurate, and efficient disease detection system. 

This project proposes a Potato Leaf Disease Detection System using deep learning techniques. A Convolutional Neural 

Network (CNN) model is trained on a dataset of potato leaf images to classify them into three categories: Healthy, Early 

Blight, and Late Blight. When a user uploads a leaf image, the system performs preprocessing and predicts the disease 

class along with a confidence score, ensuring reliable diagnosis. 

The backend is implemented using FastAPI, while the frontend uses HTML, CSS, and JavaScript for smooth user 

interaction. The system also stores prediction logs in a database and includes a simple chatbot for basic agricultural 

guidance. This solution enables early disease detection, timely treatment, and productivity. 

1.1 Project Description 

Agriculture plays a vital role in food security and economic growth, and potato is one of the most widely cultivated and 

consumed crops. However, potato plants are highly susceptible to leaf diseases such as Early Blight and Late Blight, 

which can cause severe yield loss if not detected at an early stage. Traditional disease detection methods rely on manual 

inspection by agricultural experts, which is time-consuming, costly, and prone to human error. To address these 

challenges, this project proposes an automated Potato Plant Disease Classification System using deep learning 

techniques.The system uses a Convolutional Neural Network (CNN) model to analyze potato leaf images and accurately 

classify them into three categories: Healthy, Early Blight, and Late Blight. Users can upload a leaf image through a web-

based interface, where the image is preprocessed and passed to the trained CNN model for prediction. The system 

provides instant results along with a confidence score to ensure reliability. 
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1.2 Motivation 

Agriculture is the backbone of many economies, and potato is a staple crop widely cultivated across the world. Potato 

production is often affected by leaf diseases such as Early Blight and Late Blight, which can lead to significant yield loss 

and economic damage if not detected early. Traditional disease detection relies on manual inspection by agricultural 

experts, which is time-consuming, expensive, and prone to human error. Many farmers, especially in rural areas, do not 

have access to expert guidance, which delays timely intervention and increases crop losses. 

The motivation behind this project is to develop an automated, accurate, and efficient system that can help farmers 

and agricultural professionals detect potato leaf diseases quickly and reliably. By leveraging deep learning techniques, 

particularly Convolutional Neural Networks (CNN), the system can analyze leaf images and classify diseases without 

the need for expert supervision. 

This project aims to reduce dependency on manual inspection, provide instant results with confidence scores, and 

offer guidance on disease prevention and treatment. The goal is to support early disease detection, minimize crop loss, 

improve productivity, and promote smart farming practices. Overall, the system seeks to make modern agricultural 

technology accessible, practical, and beneficial for farmers and researchers alike. 

                 II. RELATED WORK 

Several studies have explored AI-based approaches for plant disease detection using computer vision and deep learning 

techniques. Convolutional Neural Network (CNN) models have shown high accuracy in identifying diseases such as 

Early Blight and Late Blight from potato leaf images by automatically extracting features like color, texture, and shape 

patterns. Other works employ transfer learning with pre-trained architectures such as ResNet50, VGG19, and 

InceptionV3 to improve model generalization and reduce training time on limited datasets. Hybrid approaches that 

combine CNNs with Vision Transformers (ViT) have also been proposed to capture both local and global leaf features, 

enhancing robustness against variations in lighting and background. Additionally, lightweight CNN architectures and 

edge computing methods have been introduced to enable real-time disease detection in the field, supporting practical 

agricultural deployment. However, most existing systems focus solely on classification accuracy and model performance, 

while limited attention is given to user-friendly deployment, real-time predictions, or providing actionable guidance to 

farmers. The proposed system addresses this gap by integrating automated CNN-based disease detection with an 

interactive web interface, confidence scoring, database storage, and preventive recommendations, providing a complete, 

practical solution for early potato disease diagnosis and smart farming support. 

III. METHODOLOGY 

A. System Environment 

The proposed Potato Leaf Disease Detection System is implemented as a web-based intelligent monitoring platform 

designed to simulate real-world agricultural disease detection processes. The system allows farmers, researchers, and 

agricultural professionals to upload images of potato leaves from different fields and locations. Each leaf image is treated 

as a digital entity with associated metadata, such as crop type, leaf age, location, and environmental conditions. The 

environment supports interaction among multiple stakeholders, providing a platform for disease detection, record 

maintenance, and preventive guidance. The system simulates realistic agricultural scenarios by capturing variations in 

leaf conditions, environmental factors, and disease progression. 

B. Disease Detection Architecture 

AI-Based Leaf Disease Classification 

Artificial Intelligence-based computer vision models are employed to analyze images of potato leaves uploaded by users. 

A Convolutional Neural Network (CNN) is trained to detect visual indicators of disease, such as leaf spots, 

discoloration, and texture changes. The output of the model includes the disease class (Healthy, Early Blight, Late Blight) 

along with a confidence score, enabling accurate and early identification of affected leaves. 
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Data Preprocessing and Prediction 

Images are preprocessed using resizing, normalization, and augmentation techniques to improve model accuracy and 

generalization. The trained CNN model extracts key features and classifies the leaves based on learned patterns. Historical 

prediction data is stored in a database, allowing users to monitor disease trends over time and analyze disease spread 

patterns. 

Fig. 1. Flowchart of methodology 
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C. Database-Based Disease Record Management 

A secure database system is used to maintain a digital record of all uploaded potato leaf images and corresponding 

predictions. Each leaf image is assigned a unique identifier, and critical events such as image upload, disease prediction, 

confidence score, and preventive suggestions are stored systematically. This ensures data integrity, allows historical 

tracking of disease occurrences, and supports analysis of trends over time. By automating record management, the system 

reduces reliance on manual tracking and provides farmers and researchers with accurate, tamper-resistant records. 

D. QR-Code Enabled Field Verification 

To connect the physical leaf samples with the digital system, each prediction result is associated with a QR code generated 

at the time of analysis. Scanning the QR code retrieves complete information about the leaf, including the uploaded 

image, predicted disease, confidence score, and preventive measures. This mechanism enables farmers, field inspectors, 

and agricultural researchers to verify results instantly, monitor disease patterns, and ensure traceability of affected 

plants. The QR-code system enhances transparency, accountability, and usability of the disease detection platform, 

making it practical for real-world agricultural deployment. 

E. Implementation Flow 

⚫ Initialize the system environment and authenticate users based on assigned roles (farmer, researcher, administrator). 

⚫ Capture potato leaf details, including plant location, leaf age, and environmental conditions, and generate a unique 

identifier for each leaf image. 

⚫ Upload the leaf image to the system through the web interface. 

⚫ Preprocess the image by resizing, normalization, and augmentation for improved model accuracy. 

⚫ Submit the preprocessed image to the CNN-based disease detection module for classification into Healthy, Early 

Blight, or Late Blight. 

⚫ Record the predicted disease category, confidence score, and preventive guidance in the database for future reference 

⚫ Update role-based dashboards with real-time prediction results, disease status, and suggested actions. 

⚫ Generate a QR code for each leaf image, allowing farmers and stakeholders to verify disease predictions, history, 

and guidance. 

⚫ Log system performance metrics and model evaluation results to support optimization and improve prediction 

accuracy over time. 

F. Hardware and Software Requirement 

⚫ Standard desktop or laptop system with a minimum of 8 GB RAM and a quad-core processor. 

⚫ Python 3.7 or later, TensorFlow/Keras for CNN-based potato leaf disease detection models, Scikit-learn for ML 

tasks and preprocessing, MongoDB for storing leaf images and prediction records, FastAPI for backend 

development, HTML/CSS/JavaScript for frontend development, and supporting visualization libraries such as 

OpenCV and Matplotlib.                                                             

This section describes the overall system design, evaluation process, and performance assessment strategy adopted for 

the proposed AI-driven Potato Leaf Disease Classification System. The framework integrates Artificial Intelligence 

(AI), deep learning, and web-based technologies to detect diseases, provide predictive insights, and maintain a record 

of plant health for future analysis. The system is implemented as a web-based platform with Python serving as the 

backend processing layer, enabling real-time image analysis, secure data logging, and stakeholder interaction. 

A. System Architecture and Workflow 

The proposed architecture is designed to ensure continuous monitoring of potato leaf health, accurate disease  
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classification, and accessible guidance for farmers and researchers. The major components of the system are summarized 

as follows: 

Web-Based Application Platform: 

The proposed architecture is designed to ensure continuous monitoring of potato leaf health, accurate disease 

classification, and actionable guidance for farmers and researchers. The major components of the system are 

summarized as follows: 

Web-Based Application Platform: 

The application provides role-based access for farmers, researchers, and administrators. It enables leaf image uploads, 

data submission, real-time visualization of predictions, and tracking of historical disease records for each plant. 

Users can view disease classifications, confidence scores, and recommended preventive measures. 

AI and ML Processing Layer: 

AI-based Convolutional Neural Network (CNN) models analyze uploaded potato leaf images to detect diseases such 

as Early Blight and Late Blight. Machine learning techniques are used for image preprocessing, augmentation, and 

performance evaluation to improve prediction accuracy and model generalization under varying environmental 

conditions. 

Database and Analytics Layer: 

A centralized database stores leaf images, predicted disease categories, confidence scores, and preventive guidance. This 

supports real-time dashboards, alerts, and analytical metrics, enabling stakeholders to monitor disease trends and 

assess system performance. 

B. System Evaluation Setup 

The evaluation framework assesses the effectiveness of the proposed system under realistic agricultural scenarios. 

Multiple potato leaf samples are collected from different plants, locations, and environmental conditions to evaluate 

detection accuracy and reliability. 

Leaf Sample Configuration: 

Leaf images are collected with varying health conditions, plant ages, and environmental exposures to simulate real-world 

diversity in potato crops. 

Data Collection Scenarios: 

Images are uploaded at different stages of plant growth, and environmental data such as sunlight, humidity, and soil 

conditions are recorded to evaluate the CNN model’s classification accuracy and reliability. 

C. Traceability and Verification Process 

Each uploaded leaf image is associated with a unique QR code linking the physical leaf sample to its digital record. All 

prediction events, confidence scores, and preventive recommendations are stored in the database. Scanning the QR code 

allows farmers and researchers to verify disease predictions, view historical data, and access guidance. This process 

ensures transparent, trustworthy, and easily accessible verification of potato leaf health. 

D. Results and Observations 

Disease Detection Performance: 

AI-based CNN analysis accurately classified Healthy, Early Blight, and Late Blight leaves. 

                                                        IV. SIMULATION AND EVALUATION FRAMEWORK  

The system provided confidence scores for each prediction, supporting reliable decision-making. 

Traceability and Transparency: 
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All prediction events and leaf records were securely stored in the database without data loss. 

QR-code-based access enabled instant verification of each leaf’s health status and history. 

Stakeholder Impact: 

Farmers received timely alerts and preventive guidance to protect crops. 

Researchers and agricultural advisors gained easy access to historical data for trend analysis and disease monitoring. 

The system enhanced confidence in automated disease detection and promoted smart farming practices. 

 

Fig.2. CNN-based disease detection output for an uploaded potato leaf image 

https://ijarcce.com/
https://ijarcce.com/


ISSN (O) 2278-1021, ISSN (P) 2319-5940 IJARCCE 

International Journal of Advanced Research in Computer and Communication Engineering 

Impact Factor 8.471Peer-reviewed & Refereed journalVol. 15, Issue 1, January 2026 

DOI:  10.17148/IJARCCE.2026.151104 

© IJARCCE                This work is licensed under a Creative Commons Attribution 4.0 International License                 789 

 

 
Fig.3. Field Analytics Dashboard Showing Scan Summary and Disease Distribution 
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⚫ The figure presents the Field Analytics dashboard of the Potato Disease Detection System 

⚫ It summarizes the total number of leaf scans performed in the field, providing an overview of system usage. 

 
Fig. 4. Disease Analysis Result and Prescription Interface 

V.RESULTS AND DISCUSSION 

The experimental evaluation of the proposed CNN-based Potato Leaf Disease Classification System demonstrates its 

effectiveness in accurately identifying leaf diseases, supporting early intervention, and providing actionable guidance to 

farmers and researchers. Multiple potato leaf samples were evaluated under different environmental conditions, including 

variations in sunlight, humidity, and plant age, to assess system performance and robustness. 

The results indicate that the CNN-based image analysis model successfully classified leaves into Healthy, Early Blight, 

and Late Blight categories. The system provided highly accurate predictions with confidence scores, allowing users to 

quickly identify infected leaves and take timely corrective actions. Compared to traditional manual inspection, the 

automated detection offered faster, more consistent, and reliable disease assessment, reducing human error and labor 

requirements. 

Additionally, the system maintained a centralized database of prediction results, enabling historical tracking of disease 

occurrences and trend analysis. The QR-code-based verification mechanism allowed users to instantly access leaf health 

records, prediction results, and preventive guidance, enhancing traceability and accountability for farm management. 

Overall, the integrated system demonstrated high classification accuracy, real-time performance, and practical 

usability. Early detection of diseases supports proactive intervention, reduces crop damage, and improves overall potato 

productivity. The platform also promotes smart farming practices by combining AI-driven disease detection, data 

storage, and interactive guidance, minimizing operational overhead while enhancing decision-making for farmers and 

researchers.. 

VI. CONCLUSION 

This work demonstrates the practicality and effectiveness of integrating Artificial Intelligence (AI) and Machine 

Learning (ML) techniques for automated potato leaf disease detection and smart farming support. The proposed CNN-

based Potato Leaf Disease Classification System successfully identifies leaf health status, enabling early detection of 

diseases such as Early Blight and Late Blight, and providing actionable guidance for farmers and researchers. 

https://ijarcce.com/
https://ijarcce.com/


ISSN (O) 2278-1021, ISSN (P) 2319-5940 IJARCCE 

International Journal of Advanced Research in Computer and Communication Engineering 

Impact Factor 8.471Peer-reviewed & Refereed journalVol. 15, Issue 1, January 2026 

DOI:  10.17148/IJARCCE.2026.151104 

© IJARCCE                This work is licensed under a Creative Commons Attribution 4.0 International License                 791 

AI-based computer vision techniques automate the detection of disease symptoms on potato leaves, while ML-supported 

preprocessing and confidence scoring enhance prediction accuracy and reliability. These capabilities transform 

conventional manual inspection methods into proactive crop health management, reducing human error, labor 

requirements, and time delays. 

The inclusion of a centralized database and QR-code-based verification allows stakeholders to access historical leaf 

records, prediction results, and preventive measures, improving transparency, traceability, and accountability for farm 

management decisions. 

Overall, the proposed system improves early disease detection, crop protection, and productivity, demonstrating the 

potential of technology-driven solutions in modern agriculture. By combining automated disease classification, 

historical record tracking, and interactive guidance, this platform provides a practical, scalable, and efficient tool for 

enhancing potato crop health and supporting smart farming practices. 

VII. FUTURE WORK 

Although the proposed CNN-based Potato Leaf Disease Classification System effectively demonstrates automated 

disease detection and smart farming support, several enhancements can be explored to improve its scalability and 

practical applicability. Future work may focus on integrating IoT sensors to capture real-time environmental parameters 

such as soil moisture, temperature, humidity, and sunlight exposure, enabling more accurate and continuous monitoring 

of potato crop health. 

Another important extension involves expanding the AI models to detect a wider variety of plant diseases and support 

additional crops, while incorporating advanced deep learning architectures such as hybrid CNN-Transformer models to 

improve disease detection accuracy and robustness under varying field conditions. 

Integration of edge and cloud computing can further optimize processing efficiency, reduce latency, and enable real-

time decision-making for large-scale deployments across multiple farms. Additionally, future implementations may 

explore interoperability with agricultural advisory platforms, government crop health monitoring systems, and precision 

farming tools to support automated reporting, compliance, and wider adoption of intelligent plant disease management 

solutions. 

By addressing these enhancements, the system can evolve into a comprehensive, scalable, and practical tool for early 

disease detection, improved crop management, and enhanced productivity in modern agriculture. 
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