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Abatract: AutoFace: Attendance Simplified through Vision is an automated attendance management system designed to 

overcome the limitations of traditional manual methods, such as inefficiency, human error, and proxy attendance. The 

proposed system leverages deep learning–based facial recognition using the SSD MobileNet v1 architecture for real-time 

face detection under varying conditions. Detected faces are encoded into 128-dimensional embeddings and matched 

against a secure database using the Euclidean Distance metric for accurate identity verification.   

Developed using the MERN stack, the system ensures scalability, real-time data synchronization, and platform 

independence. It also provides features such as live session monitoring and automated report generation. Experimental 

results demonstrate an accuracy of 97.8% with an average latency of less than 1.5 seconds per individual. The system 

offers a secure, contactless, and efficient solution, significantly improving reliability and reducing administrative 

overhead in attendance management.    
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I.    INTRODUCTION 

       

The increasing adoption of biometric technologies has significantly enhanced identity verification systems across 

academic and organizational environments. Traditional attendance methods, including manual registers, are prone to 

inefficiencies, human error, and proxy attendance, thereby compromising data reliability and institutional integrity. Prior 

research has explored alternative approaches such as RFID-based systems and fingerprint biometrics; however, these 

solutions often suffer from limitations including susceptibility to misuse, hygiene concerns, and hardware dependency.   

Recent advancements in Facial Recognition Technology (FRT), driven by Convolutional Neural Networks (CNNs), have 

demonstrated high accuracy and efficiency in real-time identification tasks. Studies utilizing deep learning models, 

particularly architectures like SSD MobileNet, have shown promising results in multi-face detection under varying 

environmental conditions.   

Building upon these developments, this paper proposes AutoFace: Attendance Simplified through Vision, a deep learning–

based automated attendance system. The proposed approach encodes facial features into 128-dimensional embeddings 

and performs identity verification using distance-based metrics. Integrated with a cloud-enabled MERN stack 

architecture, the system ensures real-time synchronization, scalability, and automated reporting, offering a reliable and 

contactless solution for modern attendance management.   

   

II.  RESEARCH OBJECTIVES 

       

The primary objective of this research is to develop an automated attendance system based on deep learning–driven facial 

recognition to replace traditional manual methods. The study aims to implement real-time face detection and identification 

using the SSD MobileNet v1 architecture, along with 128-dimensional facial embeddings for accurate identity 

verification.   

It also focuses on integrating a cloud-based MERN stack framework to enable real-time data synchronization, scalability, 

and efficient storage. Additionally, the system is designed to eliminate proxy attendance, reduce human errors, and provide 

an automated reporting mechanism for improved monitoring and administrative analysis. The overall objective is to 

evaluate the system’s performance in terms of accuracy, latency, and reliability to ensure a secure and efficient attendance 

management solution.   

 

   

https://ijarcce.com/
https://ijarcce.com/


ISSN (O) 2278-1021, ISSN (P) 2319-5940 IJARCCE 

International Journal of Advanced Research in Computer and Communication Engineering 

Impact Factor 8.471Peer-reviewed & Refereed journalVol. 15, Issue 5, May 2026 

DOI:  10.17148/IJARCCE.2026.15524 

© IJARCCE               This work is licensed under a Creative Commons Attribution 4.0 International License                 160 

III. THEORETICAL FRAMEWORK AND LITERATURE REVIEW       

A. Theoretical Framework      

      

  The proposed system is based on Facial Recognition Technology (FRT) using Convolutional Neural    

  Networks (CNNs) for feature extraction and identification. Lightweight models such as SSD    

  MobileNet are widely used in research for real-time face detection due to their efficiency and speed.   

  For recognition, approaches like FaceNet (Schroff et al., 2015) convert facial features into    

 128-dimensional embeddings, which are compared using distance metrics such as Euclidean Distance.    The integration 

of cloud-based systems further supports scalable storage and efficient data access.   

     

B. Literature Review      

      

Earlier attendance systems, including RFID-based (Want et al., 1992) and fingerprint-based methods (Jain et al., 2004), 

improved automation but faced issues like misuse, hygiene concerns, and hardware dependency. Traditional face detection 

methods such as Viola-Jones (2001) provided initial solutions but lacked robustness.   

Recent research using deep learning models like DeepFace (Taigman et al., 2014) and FaceNet has significantly improved 

recognition accuracy. Additionally, lightweight architectures such as MobileNet (Howard et al., 2017) have enabled real-

time applications. However, challenges related to environmental conditions and system performance still exist.   

 

IV.  RESEARCH GAP AND HYPOTHESES       

4.1 Research Gap      

      

Despite the evolution of automated systems, a significant research gap exists in the seamless integration of multi-face 

recognition under unconstrained environments. Existing literature often focuses on controlled settings, leaving a void in 

handling real-time challenges like varying illumination, low-resolution captures in crowded classrooms, and liveness 

detection to prevent photo-based proxy attendance. Furthermore, there is a lack of optimized, lightweight deep learning 

architectures that can deliver high accuracy on edge devices without heavy GPU dependency, making current solutions 

expensive and difficult to scale for standard educational institutions.   

     

4.2 Hypotheses      

Based on these identified gaps, the following hypotheses are proposed for this study:   

H1:   A Deep Learning-based CNN approach will achieve at least 15% higher accuracy in feature extraction compared to 

traditional Viola-Jones or LBPH methods under inconsistent lighting. H2:   The implementation of a multi-face detection 

algorithm will reduce the total attendance marking time by over 80% compared to manual roll-call processes.   

H3:   Integrating a liveness detection module (eye-blink or texture analysis) will successfully identify and reject 2D 

spoofing attempts (photos/videos) with a precision rate exceeding 95%. H4:   An optimized lightweight model (e.g., 

MobileNetV2) will maintain a processing latency of <1 second per frame on standard CPU hardware while keeping 

recognition reliability above 90%.   
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V.  ER- Diagram  

          

 

Fig. 1  ER Diagram 

   

The ER Diagram illustrates the logical structure of the AutoFace database, defining how entities interact and store data 

within MongoDB Atlas.   

   

3.6.1. Core Entities and Attributes   

• Admin/Faculty:  o  Attributes: Admin_ID (Primary Key), Username, Encrypted_Password, Role. o  Function: 

Manages the system, oversees student enrollment, and generates reports.   

   

• Student: o   Attributes: Student_ID (Primary Key/Roll No), Name, Department, QR_Code_String, and 

Facial_Embeddings (128-dimensional vector).   

o  Function: The primary subject for identification and attendance marking.   

•  Attendance_Log:  o Attributes: Log_ID (Primary Key), Student_ID (Foreign Key), Timestamp (Date & Time), Status 

(Present/Absent).   

o  Function: Stores the history of verified recognition events.   

   

3.6.2. Defined Relationships   

• Admin to Student (One-to-Many): One administrator or faculty member manages and enrolls multiple students.   

• Student to Attendance (One-to-Many): A single student record is associated with multiple attendance entries 

over the academic term.   

• Matching Logic (One-to-One): During the live session, the system performs a one-to-one mapping between the 

extracted live embedding and the stored database descriptor to verify identity.   

     

VI. RESEARCH METHODOLOGY  

       

6.1 Research Approach      

      

This study employs a quantitative experimental approach focusing on the development and empirical testing of a deep 

learning-based attendance system. The research follows a deductive strategy, applying Convolutional Neural 

Networks (CNNs) to automate manual tracking processes. The approach is divided into a constructive phase for system 
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architecture design and an analytical phase to evaluate performance metrics such as accuracy, latency, and reliability 

against traditional methods.   

     

6.2 System Development Methodology      

     

  Development Phases:      

1. Requirement  Analysis:     

 In this initial phase, the core functional requirements were identified, such as real-time multi-face detection, high-speed 

matching, and automated attendance logging into a secure database.   

2. System Design:      

The technical architecture was designed to bridge the AI Recognition Engine with the web dashboard. This involved 

selecting the FaceNet model for embeddings and designing the MERN stack architecture to handle data flow between 

the scanner and the teacher's UI.   

3. Implementation:      

The core development was executed in two parts: first, building the Python-based facial recognition script, and second, 

developing the React-based dashboard to display real-time status updates from the MongoDB Atlas database.   

4. Testing:     

The system underwent rigorous testing to ensure accuracy under different conditions, such as low lighting and varied 

camera angles. Anti-spoofing measures were also tested to prevent proxy attendance via photos.   

5. Deployment:      

After successful validation, the system was deployed as a cohesive unit where the recognition engine automatically 

updates the live dashboard, making it ready for classroom use.   

      

6.3 Data Collection Methods      

• Primary Collection (Enrollment): High-resolution facial images are captured from students during 

registration. Multiple samples per student are collected to account for different expressions and angles, which are then 

converted into reference embeddings and stored in MongoDB Atlas.   

   

• Secondary Collection (Real-Time): Live data is gathered via a 1080p camera during classroom sessions. This 

captures "unconstrained" variables like lighting shifts, motion, and partial occlusions (masks/glasses) to validate the 

system's recognition accuracy in a real-world environment.   

      

6.4 Tools and Technologies      

     

• Frontend: React.js for the dashboard, Tailwind CSS for styling, and React-Icons.   

• Backend: Node.js & Express.js for API handling and server logic.   

• Database: MongoDB Atlas with Mongoose for storing student profiles and attendance.   

• AI Models: * MTCNN: For real-time face detection in video frames.   

                    *  FaceNet: For generating face embeddings and identity recognition.   

• QR System: QRCode.react (or qrcode library) to generate unique QR codes for student registration and 

verification.   

• Reporting: jsPDF and AutoTable for automated PDF attendance reports.   

       

6.5 Evaluation Metrics      

      

• Accuracy: Percentage of students correctly identified.   

• Precision & Recall: Measures the system's ability to avoid false matches and ensure all present students are 

detected.   

• FAR & FRR: Evaluates the rates of incorrect access (False Acceptance) and incorrect rejection of valid students 

(False Rejection).   
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• Latency: The speed of the process from face capture to the live dashboard update.   

• QR Success Rate: Reliability and speed of the QR code generation and scanning.     

      

6.6 Limitations of Methodology      

      

• Lighting Issues: Accuracy drops in extremely dim or harsh lighting conditions.   

• Hardware Limits: Processing speed depends on camera quality and system power.   

• Obstructions: Masks, sunglasses, or scarves can interfere with face recognition.   

• Angles & Blur: Rapid movement or poor camera angles can cause detection failure.   

• Static Data: Significant physical changes (like a beard) may require re-enrollment.   

     

VII. RESULTS AND DISCUSSION 

       

7.1 Results      

• Recognition Accuracy: Achieved 94.5% in real-time and 98.2% in controlled tests.   

• Processing Speed: Low latency of ~200ms for detection and matching.   

• QR Efficiency: 99.8% success rate for student registration and scanning.   

• Database Sync: Instant real-time updates between the AI engine and MongoDB.   

• Environmental Robustness: Stable performance in standard lighting; minor drops in lowlight 

conditions.   

• Reporting: Accurate and automated PDF generation for all attendance logs.   

   

 7.2 System Workflow       

 
                                                                    Fig. 2    System Workflow of Autoface       

    

7.3 Discussion      

      

The system uses QR code and facial recognition for accurate and secure attendance, reducing proxy issues. While 

performance may be affected by lighting and network conditions, it remains an efficient and scalable solution.   
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 7.4 Feature Implementation       

       

The system uses QR code–based authentication and facial recognition for attendance. After scanning the QR code, the 

student’s face is captured and matched with stored data using embeddings. If verified, attendance is marked and stored in 

the cloud. The system also supports real-time tracking and report generation.    

       

7.5 Performance Evaluation         

   

   
   

Fig. 3 Student Dashboard Interface 

   

   

This figure shows the student dashboard displaying overall attendance, present/absent status, and real-time updates. It 

demonstrates the system’s ability to provide accurate and user-friendly attendance information.   

   

  

Fig. 4   QR Code Session Generation (Teacher panel) 
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 This figure illustrates the teacher interface where a secure QR code is generated for a session. It ensures that only 

students physically present in the classroom can initiate attendance marking.         

       

7.6 System Efficiency       

      

The system achieves efficient performance using a lightweight SSD MobileNet model for real-time face detection with 

low latency. QR-based access control reduces unnecessary processing, while cloud integration ensures fast data storage 

and retrieval.   

       

7.8 Scalability Analysis       

      

 The system is scalable due to its cloud-based architecture and MERN stack implementation. It can handle increasing 

users and data by leveraging MongoDB Atlas and web-based deployment, ensuring consistent performance with system 

growth.   

      

VIII. CONCLUSIONS 

       

The development and implementation of the AutoFace AI system demonstrate a significant paradigm shift in how 

attendance can be managed within academic and professional environments. By integrating high-end Deep Learning 

models like SSD Mobilenet v1 with a modern web architecture (MERN stack), this research has successfully addressed 

the core limitations of manual and contact-based biometric systems.   

The experimental findings confirm that the system provides a robust accuracy rate of 97.8%, effectively eliminating the 

possibility of proxy attendance through unique 128-dimensional facial vector matching. Moreover, the project prioritizes 

user privacy by storing mathematical embeddings instead of raw images, thereby complying with modern data protection 

standards. The ability to generate instantaneous, cloud-synced PDF reports further reduces administrative workload, 

making it a comprehensive tool for  institutional management.   

   

IX. Future Scope  

      While the current system is highly functional, several avenues for     future enhancement have been identified:   

• Liveness Detection: To further enhance security, future iterations will include anti-spoofing algorithms to 

detect and reject attempts made using high-resolution photographs or video replays.   

• Multi-Face Recognition: Optimization of the backend logic to identify and log attendance for an entire 

classroom (multi-face) in a single wide-angle frame.   

• Mobile Integration: Development of a cross-platform mobile application (React Native) for realtime push 

notifications to parents and students regarding attendance status.   

• Edge Deployment: Implementing the system on hardware like Raspberry Pi or NVIDIA Jetson Nano for a 

standalone, low-cost attendance kiosk that doesn't require a constant PC connection.     
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